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Abstract 

Background 

Improved data sharing could have extensive benefits for mental health research and 

treatment. However, it is vital that data are shared in a way that aligns with the views of 

people with mental health conditions. Whilst previous research has examined public views of 

health data sharing, few studies have focused specifically on people with mental illness.  

Methods 

Semi-structured online interviews were conducted with twelve people with a range mental 

health conditions, including schizophrenia, anxiety, depression, eating disorder and addiction. 

Interview questions focussed on the risks and benefits of sharing mental health data, how data 

should be kept safe, and the sensitivity of different types of data.    

Results 

The overarching themes identified were: benefits of sharing mental health data, concerns 

about sharing mental health data, safeguards, and data types. There was a high level of 

support for the use of data sharing to facilitate improved knowledge of and treatment for 

mental health conditions. Concerns included the potential for misuse of data, such as by 

insurance companies or employers, and the risk of mental health stigma from researchers and 

healthcare professionals who accessed the data. There was a focus on appropriate safeguards, 

such as secure storage access procedures.      

Conclusions 

There was a strong sense across participants that more should be done to combat the suffering 

caused by mental illness, and that appropriate health data sharing could facilitate this. The 

mental health research community could build on this generally positive attitude to mental 

health data sharing by ensuring that they follow rigorous best practice which accounts for the 

specific concerns of people with mental illness.    
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Large data sets, such as those generated from the routinely-collected data in health 

records, are becoming increasingly important for public health, contributing to improved 

service implementation, earlier disease prevention and treatment advances (Bates et al., 2014; 

Fylan et al., 2019; Kruse et al., 2016). In relation to mental health, routinely-collected data 

has been used for a range of purposes, including developing more effective ways to identify 

suicide risk (Simon et al., 2018), examining the effect of neighbourhood regeneration on 

mental health (White et al., 2017), and identifying the extent to which antipsychotic 

medication is being prescribed for autistic children (Brophy et al., 2018).  

Responsible sharing of health data can overcome some of the limitations of traditional 

participant-based research models by supporting the collection of larger and more 

representative population samples (Furimsky et al., 2008; Kirkham et al., 2021; Woodall et 

al., 2010). This is particularly relevant to mental health research, as traditional research 

approaches necessarily depend upon recruitment of people who face multiple barriers to 

participation relating to their time, health, and finances (Kaminsky et al., 2003; Wang et al., 

2011).  

Whilst routinely-collected data are clearly beneficial for health research, they should 

only be used in a manner that is supported by those who provide such data, and whose 

clinical treatment will be shaped by derived insights (Carter et al., 2015). Previous work on 

this topic has found relatively high levels of public support for health data sharing (73 - 93% 

positive; Buckley et al., 2011; King et al., 2012; Kirkham et al., 2022; Luchenski et al., 

2013). However, this support is somewhat conditional, such that individuals typically want 

their data to be handled by an organisation they trust and used for the public good rather than 

for profit (Aitken et al., 2016; Jones et al., 2022). Research also suggests that people’s views 

vary according to the perceived sensitivity of the data, with mental health data cited as an 

example of sensitive health data (Grant et al., 2013; Robling et al., 2004).  

 . CC-BY-ND 4.0 International licenseIt is made available under a 
 is the author/funder, who has granted medRxiv a license to display the preprint in perpetuity. (which was not certified by peer review)

The copyright holder for this preprint this version posted November 7, 2022. ; https://doi.org/10.1101/2022.11.03.22281848doi: medRxiv preprint 

https://doi.org/10.1101/2022.11.03.22281848
http://creativecommons.org/licenses/by-nd/4.0/


 4

The extent to which people with mental illness agree with this perception of mental 

health data as especially sensitive, or how they feel more broadly about sharing mental health 

data, remains unclear (Shen, Sequeira, et al., 2019). This is because the views of people with 

mental illness are largely missing from literature on health data sharing (Kirkham et al., 2022; 

Shen, Sequeira, et al., 2019). For example, none of the 25 studies emerging from Aitken et 

al.’s (2016) systematic literature review on health data sharing had explicitly recruited people 

with mental illness.  

The small amount of prior research which has focused on the preferences of people 

with mental illness found that factors which influence willingness to share health data include 

their prior experiences with health care services (Kirkham et al., 2022; Shen, Bernier, et al., 

2019; Soni et al., 2021), stigma and the perceived risk of discrimination (Grando et al., 2017), 

and, similar to the wider general public, their trust in the organisation accessing the data 

(Caine & Hanania, 2013). There is also early evidence to suggest that people with mental 

illness may actually be more willing than those without to share their health data for research 

purposes (Jones et al., 2022), at least once other factors such as lower overall satisfaction 

with healthcare have been accounted for (Kirkham et al., 2022). However, this finding is not 

universal (Soni et al., 2020).  

Given that mental health research is currently being held back by concerns around the 

apparent sensitivity a mental health data (Ford et al., 2021), it is essential that the research 

community bases its decisions on evidence and not assumptions. Research so far has relied 

heavily on survey data which rarely provide insights into the details of, and rationale behind, 

people’s general opinions. Acting to improve use of routine mental health data in research 

requires an understanding of why people hold certain opinions and what factors inspire trust. 

Therefore, we conducted semi-structured interviews with 12 people with a range of mental 
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health conditions to investigate what they feel about sharing their health data for research 

purposes. 

 

Methods 

Participants  

Individuals who took part in a previous survey by our research team (which also 

focused on the topic of sharing mental health data; Kirkham et al., 2022) were asked to leave 

their email address if they wanted to take part in an interview. This list of email addresses 

was used to invite people to take part in the present interview study. Prior to issuing 

invitations, we used the survey responses to identify potential participants with a diverse 

range of mental health conditions. We also sought specifically to invite participants from the 

minority who had responded “no” when the survey asked if they would share their mental 

health data for research purposes. This was challenging because the vast majority of survey 

participants (89.7%) had responded “yes” to this question, and those who didn’t often also 

did not consent to be followed up for this study. Participant demographics, presented in Table 

1, were extracted from their aforementioned survey responses. Participants’ experiences of 

mental illness were extracted from the survey data and confirmed at the beginning of the 

interview. All participants lived in the UK. The mean age of participants was 40 years, with 

an age range of 27 to 49 years.

 . CC-BY-ND 4.0 International licenseIt is made available under a 
 is the author/funder, who has granted medRxiv a license to display the preprint in perpetuity. (which was not certified by peer review)

The copyright holder for this preprint this version posted November 7, 2022. ; https://doi.org/10.1101/2022.11.03.22281848doi: medRxiv preprint 

https://doi.org/10.1101/2022.11.03.22281848
http://creativecommons.org/licenses/by-nd/4.0/


 6

Table 1: Participant Demographics 
 

Participant Gender Age 
rangea 

Ethnicity Location Highest Level of 
Education 

Mental Illness Experience 

1 Female 30 – 40 White England Postgraduate degree Anxiety (primary*), depression 

2 Male 40 – 50 White Scotland Undergraduate degree Schizophrenia (primary), addiction 

3 Female 40 – 50 Mixed/multiple ethnic 
groups 

Wales Undergraduate degree Bipolar disorder (primary), depression, anxiety (participant added 
PTSD** during interview) 

4 Female 40 – 50 White Scotland Undergraduate degree Anxiety, PTSD** (primary), depression 

5 Male 40 – 50 White Scotland Postgraduate degree Addiction, anxiety, depression, autism***  

6 Female 40 – 50 White England Postgraduate degree Anxiety, bipolar disorder (had diagnosis removed), depression (no 
primary condition chosen) 

7 Female 40 – 50 White England A-level Depression (primary), anxiety, eating disorder, self-harm 

8 Male 40 – 50 White England Undergraduate degree Anxiety, depression (primary), self-harm  

9 Male 30 – 40 White England Postgraduate degree Anxiety, depression (primary), eating disorder, self-harm 

10 Male 30 – 40 White England Postgraduate degree Anxiety, depression (primary) 

11 Non-
binary 

20 – 30 White Scotland Undergraduate degree Anxiety (primary), depression 

12 Female 30 - 40 White England Postgraduate degree Anxiety, depression (primary) 

Note. aAge (in years) is provided as a range to protect participant anonymity. *“Primary” mental health condition was defined by the respondent as the 

condition which had the biggest impact on the participant’s daily life. **PTSD = post-traumatic stress disorder. ***Autism is not a mental health condition 

but is included here in cases where participants chose to add autism themselves when asked to report their mental health conditions. As we did not explicitly 

ask about autism, it is not possible to determine whether or not other participants were also autistic. 
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Positionality statement 

This paper is written by three white women from the UK, two of whom are 

researchers and one of whom is a medical student at the time of writing. The interviewer is a 

female researcher who has lived experience of mental illness, a PhD in Psychology, and 

professional expertise in working with mental health data. She is part of a university research 

group which uses Big Data to answer questions about mental health. The person who 

analysed the data is a female fifth-year medical student (at the time of writing) who has 

completed a placement in psychiatry. She has previous experience in qualitative research 

during her intercalated BSc year and a BSc in Physical Activity for Health. The student who 

completed the analysis was supervised by the researcher who conducted the interviews.   

 

Interview Guide 

The interview guide was developed through discussion within the research team, 

including an advisory group of community representatives (with lived experience of mental 

illness and working in mental health services) around the question "How do people feel about 

data sharing?”. Interview scripts from previous qualitative research were used for guidance. 

The interview guide was semi structured, and the interviewer asked complementary questions 

if she deemed it appropriate. The interviewer engaged in a practice interview with Suzy 

Syrett, a peer researcher who has lived experience of mental illness and expertise in 

conducting research interviews.  The full interview topic guide is available in the 

Supplementary Materials.  

 

Procedure 

Semi-structured interviews were carried out online via Skype between July and 

November 2019. The researcher continued to conduct interviews until the point at which 
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perceived data saturation was reached (Morse, 1995; Sandelowski, 1995): i.e. there was the 

subjective impression that each new participant was largely presenting perspectives already 

represented in the data. No other individuals were present at the time of interview. Before 

asking the pre-determined questions, the interviewer allowed time for the participant to 

become comfortable. It has been shown that allowing for this familiarity to develop fosters 

in-depth discussions (Braun & Clarke, 2013; Elliott et al., 1999). 

Interviews were recorded using the MP3 Skype recorder, which recorded only audio. 

The researcher who conducted the interviews transcribed five of the interviews and the 

remainder were transcribed by a paid professional transcriber. Due to a technical error, one 

interview was not recorded. In this case the interviewer’s notes were used instead. All 

identifiable information was removed from transcripts.  

 

Ethics 

Ethical approval for this study was provided by the Department of Clinical and Health 

Psychology Ethics Research Panel, University of Edinburgh, ref STAFF147. 

 

Data Analysis 

The Framework Method was employed to analyse the data. This is an appropriate 

analysis technique for medical research (Gale et al., 2013). It is a form of thematic analysis 

not constrained to a specific philosophical or theoretical approach. This enables flexibility in 

extracting themes and determining parallels and divergences in data (Braun & Clarke, 2013; 

Gale et al., 2013). Themes were not pre-planned and were derived from the dataset, but they 

were shaped by the targeted research questions of the research: namely to discover how 

people with mental illness viewed data sharing. The steps of the Framework Method are 

outlined in Figure 1. Following analysis, a thematic tree was created.  
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Figure 1: The Framework Method (Amended from Gale et al., 2013) 

  

Stage 7 Interpretation

The matrix was used to make links and contrasts within data. The researcher kept written notes for theme development. 
Final themes were decided on and a thematic map created (Figure 2)

Stage 6 Charting into Matrix

Data were charted into a matrix of codes in Microsoft Excel. Quotes from each participant were included.

Stage 5 Framework Applied

Transcripts were indexed using the defined codes from the framework. 

Stage 4 Framework Development

An intial coding tree of similar ideas from the open coding was created. A clear coding matrix was developed, with 
descriptions of each code included.

Stage 3 Coding

The researcher open coded three transcripts, highlighting anything they thought to be important. Software was not used.

Stage 2 Familiarisation

The analysing researcher read each transcript a few times, writing down free text comments about initial themes.

Stage 1 Transcription

Interviews were transcribed by the first researcher and a professional transcriber.
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Results and Discussion 

The aim of this project was to investigate how people with mental illness feel about 

sharing mental health data for research purposes. Through framework analysis, four top level 

themes were identified. Nine subthemes within these were identified. The themes identified 

are illustrated in Table 2, accompanied by an illustrative quote. Most participants were 

positive about data sharing for mental health research purposes, with one stating “I am 

overwhelmingly I think, positive about data sharing, including with mental health”. In order 

to avoid repetition, reporting and interpretation of these themes have been included together 

in one “Results and Discussion” section.  
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Table 2: Themes 

 

Theme/ Subtheme Quote 

BENEFITS OF SHARING MENTAL HEALTH DATA 

Improving scientific knowledge of mental illness 

Determine Aetiology “if in the future, we realise ‘hey there are some other signs and symptoms that perhaps are 

red flags or signals’” 

Improves Research Quality  “Where the research is strengthened by the data and where the study is strengthened by 

the data” 

“a lot of like statistical power…to pick out…if you have a particular er pre- pre- sort of 

disposition to developing something if you suffer from this illness”  

Alleviate Suffering “If there was a button I could push and take bipolar disorder away from the world I would. 

And, the only way we can do that is by letting people research the illness itself” 

“I don’t mind researchers having that information because I strongly believe in helping” 

Improving treatment and management of mental illness 

Personalised Medicine “moving beyond a one size fits all approach” 

“way of better tailoring treatments to the patient, so … yeah.  Something called personal 

treatment or personalised medicine” 

Improves Services “the NHS finally gets the funding it needs and deserves and that universal health care free 

at the point of need” 

“it might might do more to er, protect it [the NHS] into the future if people are seeing the 
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benefits of that sort of centralised information and erm care” 

“I do feel that the current em … sort of mental health service offerings are somewhat 

restrictive” 

CONCERNS ABOUT SHARING MENTAL HEALTH DATA 

Data misuse and data breaches  

Private Sector 
-  

“I guess if there was personal data in there they could, you know er a random company 

could er contact you or, you know… maybe someone you know works in a company 

“scare mongering about in the future we might have a privatised NHS um insurance 

companies might get that kind of information, you might be excluded from reasonably 

priced insurance” 

Public Domain “If it got leaked to my ex-husband. And he went for sole custody of my daughter, that is 

the worst case scenario I could imagine” 

“the worst case possible, if my full NHS record was available online for anyone to 

download and read” 

Employment “employer discrimination I can see being a worry” 

“I think that information being shared with people like your employer without your 

consent...that kind of information wouldn’t be used to either … make somebody 

redundant or to put them through sanctions of some description or demotion or something 

like that” 

Stigma 

Researcher Stigma “…  I think there’s- there’s more danger in that, erm as in, you know you’re making a 
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judgement rather than actually, erm, sort of asking the question of me myself” 

“dangerous world views on certain mental health issues ...I can’t think of the right words 

but like a damaging world view, or personal view on certain mental health issues” 

Healthcare Professional Stigma “the term is “diagnostic overshadowing” but if if you go somewhere, I mean suppose I 

rocked up to A & E one evening complaining of dreadful stomach pains… if if it flashed 

up and said “well this person is a long term mental health service user”, that wouldn’t get 

taken seriously” 

SAFEGUARDS 

Personnel 

Need to Know “Keeping the number of people that actually see it reduced to the people that actually need 

to see it” 

“well you know like researchers have access to the data they need and nothing more” 

Accountability “it would be known that they have seen it and therefore any issues could be tracked back 

to them” 

Practical Measures 

Removal of Identifiable Information “a separate identifier so there’s absolutely no need for, there’s no need for names” 

“all the information was anonymised and it couldn’t be traced back to… me” 

Consent “I think if information is going to get passed on, I would like to say yes or no…knowing 

that you can withdraw at any time ...Em … and as far as possible I would like to give 

consent for those kinds of things on an individual, case by case basis” 

Data Storage “how the data is stored and obviously there is GDPR rules and universities have their 
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rules” 

“I think if my data could be used in a, a more secure way then I would be very happy with 

that” 

“maybe you need a password to download it” 

DATA TYPES 

Useful Data 

Qualitative Data “People’s opinions on the service that they’ve received I suppose” 

“look at how doctors perceive different patients, different conditions, what ways are they 

talking about the patients” 

Demographics “It might help inform sort of realising that there is sort of major socio-economic issues in 

this particular health issue” 

Predictors and Outcomes “things have got so bad that you know you’ve taken your own life. Erm, and try and- you 

know, the kind of things that have led up to that I guess, those are, pretty important” 

“I think trying to assess which kind of treatments work in what situation” 

Sensitive Data 

Social Media “access to use social media stuff I think as well can be a bit personal” 

Genetics “I guess if you have genetic material erm, or genetic information, and you’re looking for 

one thing and you find something else, erm, that can have an impact on someone’s life” 

Mental and Physical Health “they are actually connected” 

“my physical health data isn’t anything like as personal” 
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“I think there needs to be more research looking at how they interact, physical and mental 

health” 

Data Non-Use  

Data Wastage “I think if my data could be used in a, a more secure way then I would be very happy with 

that. Otherwise, it’s just sitting there, and people could be benefitting from that”. 
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Theme 1: Benefits of sharing mental health data  

 

Subtheme 1: Improving scientific knowledge of mental illness 

 

Several participants described the potential benefits to scientific research from 

increased data sharing, using phrases such as “statistical power” in reference to the ability to 

uncover more effects with larger sample sizes. Participants talked about the role of research 

in uncovering the aetiology of mental health conditions, and valued the role of data in 

supporting robust research.  

There was an overarching perception that sharing data could help to relieve the 

suffering of other people with mental health conditions. One participant said, “if there was a 

button I could push and take bipolar disorder away from the world I would”. Further, one 

participant stated that “I don’t mind researchers having that information because I strongly 

believe in helping”. These findings are very similar to those of a thematic systematic review 

looking at broader public opinion on data sharing for public health research, which found that 

a dominant theme was perceived benefits to community, public and science (Howe et al., 

2018). Given the strength of feeling from many of the participants in the present research, it 

is possible that this altruistic approach to sharing health data may be particularly salient 

amongst people with mental illness. Future work should examine this possibility in further 

detail. 

 

Subtheme 2: Improving treatment and management of mental health conditions 

Participants believed that sharing mental health data could improve mental health 

treatment, with some discussing the concept of “personalised medicine,” in which treatments 

are tailored to a specific patient or group of patients. This focus on personalised medicine 

may be related to the recent attention to this type of medicine in the physical health sphere 
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(Goetz & Schork, 2018). The adoption of a personalised medicine approach has helped to 

reduce mortality in cancer and heart disease, yet remains absent from mental health care, in 

part due to an historical lack of large mental health datasets (Trivedi, 2016). The value of 

personalised medicine for mental health is highlighted by several of the participants’ own 

experiences of “trial and error”, with one individual expressing frustration about being placed 

on eleven different medications before finding one that worked.  

A strong focus amongst participants was the potential for data sharing to improve 

mental health services, with one participant stating they hoped that “the NHS finally gets the 

funding it needs”. A reason for this focus on service improvement may be related to 

participants’ negative personal experiences of services. Individuals referred to UK mental 

health services as being “restrictive”, “shocking” and “frustrating”. It is important to note 

that these comments were made in 2019, prior to the onset of the Covid-19 pandemic. This 

highlights that whilst the pandemic has increased the burden on mental health services (Lavis, 

2022), these services were already struggling to meet people’s needs prior to the pandemic 

(Kirkham et al., 2022). Interestingly, previous research has shown that positive experiences 

of mental health services are associated with more positive attitudes to mental health data 

sharing (Kirkham et al., 2022). Hence, improving people’s experiences of NHS health care 

could promote data sharing (Fortin et al., 2017; Kirkham et al., 2022) 

 

Theme 2: Concerns about sharing mental health data 

Subtheme 3: Data misuse and data breaches 

Many participants discussed concerns about data breaches, ranging from data misuse 

by private sector companies to impacts on their personal life. They expressed fear of being 

“excluded from reasonably priced insurance”, worries about “employer discrimination” and 

even losing child custody. Concern about commercial use of personal health data is strongly 
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reflected in the wider literature on public attitudes to data sharing (Fylan & Fylan, 2021; 

Howe et al., 2018; Jones et al., 2022; Trinidad et al., 2010). 

 

Subtheme 4: Stigma 

Concerns about being subject to stigma from the researchers who would potentially 

have access to their data came up several times, with one participant worrying that 

researchers may have “dangerous world views on certain mental health issues.” This finding 

is supported by previous research citing that the public is less willing to share data with 

researchers than with healthcare professionals (Fylan & Fylan, 2021). Future interventions 

focused on improving trust in research institutions may be beneficial, for example ensuring 

researchers follow best practice guidance when working with mental health data (Kirkham et 

al., 2021; Kirkham et al., 2020). Though healthcare professionals may be more trusted with 

mental health data overall, there were nevertheless concerns about stigma from these 

individuals as well. For example, one participant discussed being wary of increased data 

sharing due to the concept of “diagnostic overshadowing”. This is a phenomenon in which 

doctors wrongly assume symptoms of physical illness, such as tachycardia, to be a result of 

co-morbid mental illness (Nash, 2013).  

 

Theme 3: Safeguards 

Subtheme 5: Personnel 

Participants believed that researchers should have access to their mental health data 

on a “need to know” basis and that they should only be able to access specific information 

relevant to their research. Further, the concept of researcher accountability and institutional 

oversight appeared important, with one individual stating they would like any issues to be 

“tracked back” to the researcher. Accountability and oversight were also key elements 
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identified in a recent Delphi study which resulted in a checklist for stakeholder-informed best 

practice in mental health data science (Kirkham et al. 2021) 

 

Subtheme 6: Practical Measures 

Overall participants appeared to have a high degree of understanding of safeguards in 

place for maintaining confidentiality within research. This may be due to the high proportion 

of participants with postgraduate degrees and relevant professional experience in the current 

sample. In fact, one individual said, “I am fairly knowledgeable member of the public, so I 

don’t know if I am typical in that sense”. Most participants were happy for their data to be 

shared if all identifiable information was removed. However, some participants voiced 

concerns about being identified even if “pseudonyms” were used. Therefore, researchers must 

consider the risk of re-identification from what appears to be fully anonymised data (Ford et 

al., 2021; Ohm, 2009).  

The principle of informed consent seemed very important to participants with regards 

to data sharing, with one participant saying, “I think if information is going to get passed on, I 

would like to say yes or no…knowing that you can withdraw at any time.” This finding 

echoes a previous focus group study, which looked at the general publics’ opinions about 

data sharing from primary care medical records. Within this study, individuals voiced 

anxieties surrounding data collected without consent and felt that the ability to opt-out of data 

collection was essential (Robling et al., 2004). In terms of the present research, there were 

inconsistencies between participants with regards to what they considered to be appropriate 

consent processes. One individual wanted to give consent on a “case by case” basis, whilst 

others didn’t feel as strongly. This contrast is reflected in the literature regarding consent data 

sharing in terms of general health records (Asai et al., 2002; Cheah et al., 2015; Howe et al., 

2018).  
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The topic of consent is one of the most challenging within health data sharing. Whilst 

members of the public sometimes express, as above, that they want to provide consent on a 

case-by-case basis, this is impractical at the level of thousands of individual studies, drawing 

on data from samples in the millions. Notably, Aitken et al. (2016) found in their systematic 

review that, though their initial preference may be for opt-in consent, participants typically 

move away from this model of consent following discussion of its implications. In particular, 

the need for informed consent would counteract many of the benefits of research with shared 

routine data also highlighted by our participants, such as the unique opportunities afforded by 

large sample sizes. Nevertheless, it is important that policy decisions acknowledge the broad 

range of views surrounding the topic of consent. One suggestion proposed by Jones et al. 

(2022) would be to manage NHS health data on an opt-out basis, with participants given the 

option to opt-out on the basis of whether the data would be used for clinical or research 

purposes, and whether or not it would be potentially identifiable.  

 

Theme 4: Data Types 

Subtheme 7: Useful Data 

A few participants identified that demographic data about people with mental health 

conditions might be particularly useful in research, with one individual stating that 

acquisition of such data “might help inform sort of realising that there is sort of major socio-

economic issues in this particular health issue”. Furthermore, qualitative data such as 

“opinions on the service” and how doctors are “talking about the patients” were deemed 

particularly relevant to research. Several participants also mentioned that it may be of great 

value to collect data about which factors can precipitate suicide. 

 

Subtheme 8: Sensitive Data 
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Participants expressed opinions about certain data types being particularly sensitive. 

Some referred to social media as being “a bit personal”.  Notably, many participants 

identified genetic data as being particularly sensitive, which reflects previous research 

(Trinidad et al., 2010). Their concerns included the potential for “eugenics”. As 

aforementioned, identification with regards to mental health data worried participants.  

Participants held contrasting views about the relative sensitivities of physical and 

mental health data. Some participants believed that they should be considered “equal”, whilst 

others made it clear they thought that mental health data was more personal. This suggests 

that the wider public perception of mental health data being more sensitive is at least in part 

shared by people with mental health conditions (King et al., 2012; Robling et al., 2004; 

Trinidad et al., 2010). 

 

Subtheme 9: Data wastage 

On a positive note, one participant said “I think if my data could be used in a, a more 

secure way then I would be very happy with that. Otherwise, it’s just sitting there, and people 

could be benefitting from that”. This quote draws reference to the concept of ‘harm due to 

data non-use’. In their case study paper, Jones et al (2017) describe how ‘data non-use’ may 

be associated with increased risk of patient deaths and financial consequences for the health 

service. They describe that this ‘data non-use’ can be due to several reasons including 

stringent use of governance frameworks in research (Ford et al., 2021; Jones et al., 2017).  
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Figure 2: Hierarchical Thematic Map 
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Strengths and Limitations 

A key strength of this study is that the sample was made up of individuals with mental 

health conditions, whose opinions are rarely prioritised in research on health data sharing. 

Importantly, individuals had experience with a variety of mental health conditions, including 

schizophrenia, bipolar disorder and depression. The results of qualitative research are not 

designed to be applicable to the entire population. Nonetheless, a limitation of this study is 

the lack of racial diversity within the dataset. Eleven of the twelve participants were white. 

As it is known that ethnicity and other minority characteristics are related to mental health 

(Coid et al., 2008; Iwamasa et al., 2002; Meyer et al., 2014; Williams, 2018), and there are 

multiple historical examples of racism leading to unethical practice in health research. It is 

important that future qualitative studies consider the impact of intersectionality on opinions 

about sharing mental health data. In addition, the current interview sample was highly 

educated, which may have influenced their knowledge of and attitudes towards data sharing.  

It is possible that self-selection bias was present. It is feasible that individuals who 

volunteered to participate in an interview on the topic of mental health data hold more 

positive views towards mental health data sharing than those with mental illness who did not 

volunteer. As described above, participants were invited to take part if they had agreed to be 

contacted for this purpose following completion of our previous survey on health data sharing 

(Kirkham et al., 2022). When recruiting for the present study we actively tried to invite 

individuals who had previously responded in the survey that “no”, they were unwilling to 

share their mental health data for research purposes. However, given that only 10.3% of the 

full survey sample selected this option, this was challenging, and as a result only two of the 

final interview sample had responded “no”. Despite this, the participants did vary on a more 

nuanced survey question in which they used a 5-point Likert scale to indicate how likely they 

would be to share mental health data, with four of the 12 participants responding “very 
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unlikely” or “unlikely”. A final limitation is that data saturation was judged by the researcher 

who conducted the interviews. This can be difficult to establish and is usually limited by 

researcher experience (Tran et al., 2017). A more objective method to calculate the point of 

data saturation could have been used (Guest et al., 2020). 

 

Implications and Future Research 

In this study, most participants deemed their mental health to be relatively stable at 

the time of the interview. As such, future research could look specifically at views of 

individuals currently experiencing poor mental health, although, recruitment amongst this 

population would pose its own difficulties (McIntosh et al., 2016). As identified, fear of 

stigma is a major concern with regards to mental health data sharing. This suggests that 

attempts to reduce mental health stigma in broader society could facilitate more engagement 

with data sharing initiatives. Findings from this project suggest that knowledge about 

safeguards in place to protect their data is important to individuals. As such, researchers 

should endeavour to make these processes transparent, such as by following published 

guidance on good practice in mental health data sharing (e.g. Kirkham et al., 2020).  

 

Conclusion 

In this interview study with people with lived experience of mental illness we found 

overarching positive feelings towards the use of mental health data for research which would 

benefit future treatment and services for people with mental illness. Individuals expressed 

concerns about data breaches and mental health stigma. There was a strong emphasis placed 

on safeguards such as anonymisation, appropriate data storage and informed consent. The 

findings broadly support researchers’ calls for more streamlined access to mental health data 

under appropriate conditions (Ford et al., 2021). Going forward, the research community 
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should seek to ensure that policy and infrastructure functions to facilitate mental health data 

science in a manner that is supported by people living with mental illness (Kirkham et al., 

2021).  
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