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Abstract Multimedia digital libraries are gaining an increasing relevance, and are growing
in both number and size. Moreover, advancements in acquisition and authoring
technologies have also caused new media types to be added to these libraries. For instance,
animations and 3D models have recently come alongside more traditional media such as
text, images, audio and video. In particular, even if 3D objects were initially included in
multimedia digital libraries in the form of images (i.e., views of the objects), they are now
also available in the form of 3D models. These allow to overcome the inherent limitations
of an image-based representation of a three-dimensional reality. In this paper we present a
novel method for description and retrieval of 3D models that relies on curvature maps: after
an initial pre-processing of the model, differential properties of points on the surface of the
3D object are evaluated; the model surface is then deformed into an ellipsoid, and is
mapped onto a 2D image retaining curvature information of the original model. Through
this media conversion from 3D model to image map, we enable application of analysis,
description, and matching techniques which have been originally conceived for the image
medium. In particular, the two approaches described in this paper rely on histograms for a
coarse but efficient description of tiles of the curvature map, and on weighted walkthroughs
for a more precise description of homogeneous regions of the map, taking into account their
spatial arrangement and areas. Experimental results reveal that both techniques can be
successfully applied to curvature maps. The two approaches have been compared against
other solutions presented in literature, and have shown a good retrieval performance
(particularly in the case of region-based description).
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1 Introduction

Digital multimedia information is nowadays spreading through all sectors of society. Larger
and larger collections of multimedia documents are being created at an increasing pace,
enabling the exchange of information over computer networks and, consequently, the use of
this information by a wide range of users. However, in order to exploit the valuable assets
contained in these ever growing collections, users need to find information that matches
their expectations—a notoriously hard problem, due to the inherent difficulties of managing
multimedia documents. In fact, storage, indexing and retrieval by content of information
from such collections represent issues that researchers have now been facing for some time.
In recent years, as a result of the efforts spent in the attempt of finding solutions to these
problems, many systems have been developed that enable effective retrieval from digital
libraries, covering text, audio, images, and videos. For images, solutions have been
proposed to support retrieval based on colour, texture, shape, and spatial relationships [12,
33]. In this field, researchers have long investigated content descriptors best suited to
capture the properties of images so as to embody users’ perception in the retrieval process.
Also, in order to meet the users’ expectations in terms of matching, different metrics have
been experimented to evaluate similarity measures between descriptors of two different
images [32]. For videos, additional clues, related to motion and video editing effects, have
been exploited [10–12, 30, 44]. Along with the low-level cues, research in the area of
videos has specifically addressed the problem of automatic semantic annotation, since
querying by high-level concepts is a pervasive task in video retrieval [2].

Along with images and videos, 3D models have recently gained increasing attention for
a number of reasons: advancements in 3D hardware and software technologies—in
particular for acquisition, authoring and display [3, 9, 43]—their ever decreasing prices and
increasing availability, and the establishment of open standards for 3D data interchange (e.
g., VRML, X3D). Acquisition of a 3D model, in terms of geometry and visual appearance,
can be achieved through many different techniques, ranging from CAD to 3D laser scanners
and computer vision. Selection of a specific technique typically depends on application
specific quality requirements. CAD yields noiseless models, but requires manual authoring,
which implies a tradeoff between accuracy and cost. Three-dimensional scanners and
computer vision allow for the automation of at least part of the acquisition process, but are
affected by sensor noise. Also, acquisition through scanners initially produces a huge
amount of data, which poses severe system requirements. Computer vision, instead, often
requires a time consuming calibration in order to attain accurate results. Application of
these techniques results in a large variety of models, differing in terms of their
representation (e.g., point clouds, simplicial complexes, voxels, analytical functions), of
their resolution (e.g., number of points/polygons) and size, of the presence, nature, and
amount of noise and artifacts (e.g., sensor noise, occlusions).

As a consequence of the larger availability of enabling technologies, 3D models are
being employed in a wider and wider range of application domains, including medicine,
computer aided design and engineering, and cultural heritage. In medicine, 3D models are
used to analyze the structure of molecules for preparing drugs, to catalogue bones and
teeth, and to simulate surgical operations in virtual reality applications. CAD has long
profited from 3D modelling, and is now extending its range of applications, from
mechanical to civil engineering, through architecture and interior design. In these fields,
3D models are used to represent complex structures, often in terms of a composition of
elementary modules. Reuse of existing models is here a current practice. Finally, cultural
heritage is a field which is profitably exploiting 3D models both to preserve the artifacts
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mankind has produced over time and to allow for their unlimited availability to scholars
and art enthusiasts [8, 25].

In this framework content-based retrieval assumes an ever increasing relevance, as it can
support efficient and effective retrieval of target 3D models. For instance, this is particularly
the case in the fields of cultural heritage and historical relics, where there is an increasing
demand for solutions enabling preservation of relevant artworks (e.g., vases, sculptures, and
handicrafts) as well as cataloguing and retrieval by content. In these fields, retrieval by
content can be employed to detect commonalities between 3D objects (e.g., the “signature”
of the artist) or to monitor the temporal evolution of a defect (e.g., the amount of bending
for wooden tables). Tools supporting retrieval of 3D models are also expected to play a key
role in educational programs, either traditional or computer-based.

Solutions proposed so far to support retrieval of images and videos cannot always be
adapted to 3D models, as they do not account for the peculiar nature of 3D data. In fact,
while images and videos are mostly views (static and dynamic, respectively) of real world
objects and scenes, 3D models embody the essence of such objects, which is independent of
the viewpoint. In other words, while a generic view can be constructed from a given 3D
object, the opposite does not always hold. Moreover, the inherent differences between 3D
models on the one side and images and videos on the other affect different aspects in their
processing and management chain, including acquisition, archival, description, querying,
and matching.

In this paper we address the problems of description and matching of 3D objects. The
basic idea underlying our approach is that the shape of a 3D object can be described
through a curvature map of its surface. After an initial pre-processing of the model,
differential properties of points on the surface of the 3D object are evaluated; the model
surface is then deformed into an ellipsoid, and is mapped onto a 2D image retaining
curvature information of the original model. Matching is performed by comparing the 2D
map of the query against the 2D maps of the database models. In the first approach we
propose, the curvature map is subdivided into a grid of rectangular tiles; these tiles are
described through histograms. In the second approach, the map is segmented into regions of
homogenous curvature, and regions are described with weighted walkthroughs. The
proposed approaches have been implemented in a prototype system supporting retrieval by
content of 3D objects.

The paper is organised as follows: Section 2 surveys related work in the field of retrieval
by content of 3D objects; Section 3 provides insight into preliminary steps of our method,
describing the techniques used to evaluate the curvature map of a 3D model; Section 4
expounds on description and matching of curvature maps, based on both histograms of tiles
and weighted walkthroughs of homogeneous curvature regions; then, Section 5 presents
experimental results and a comparative assessment; finally, Section 6 comprises a final
discussion and conclusions.

2 Related work

While some 3D data archives already exist,1 they are expected to grow further in both size
and number. Methods supporting retrieval of 3D models can be classified according to: the
type of representation used for 3D model geometry, (i.e., volume or boundary
representations—the former describing the whole volume of an object, and the latter only

1 e.g., The Macromolecular Structure Database, http://research.bmn.com/msd and http://msd.ebi.ac.uk

Multimed Tools Appl (2006) 31: 29–50 31

http://research.bmn.com/msd
http://msd.ebi.ac.uk


its surface), the models’ 2D visual appearance (i.e., its colour, projected shape, and texture),
associated metadata and high-level concepts (either manually or automatically annotated).

Retrieval of 3D VRML object models based on textual metadata was early proposed in
[15]. In some cases, image-based representations of 3D models have been exploited (e.g.,
multiple views or range images). In [5] retrieval of CAD object models is supported by
describing the objects through a 2D representation of their contours, taken from different
viewpoints.

Retrieval of 3D volumetric data based on shape similarity has been addressed in [37] and
[1]. In [37] the shape of 3D objects is represented through algebraic moment invariants.
Differently, in [1] 3D shape histograms are exploited to support retrieval of 3D protein
structures. Both approaches provide a global description of objects’ geometries.

Some authors have investigated analytical representations of 3D models: in [22] retrieval
of 3D objects based on similarity of surface segments is addressed. Surface segments model
potential docking sites of molecular structures. The approach develops on the approxima-
tion error of the surface described by z ¼ f ðx; yÞ. Points on the surface are first grouped into
segments, and then two features are computed for each segment: the parameter set that
yields the minimum approximation error (given a set of approximating functions), and the
3D extension vectors (computed from the principal moments of inertia). Similarity between
a query surface and a database surface is computed with a quadratic distance measure,
which depends on the query surface. However, assumptions on the form of the function to
be approximated limit the application of the approach to special contexts. In particular,
since the model cannot be extended to represent the entire molecular surface, retrieval based
on global similarity is not supported.

Retrieval of free-form meshes has been presented in [14, 15, 23, 26, 28]. In fact, an ever
growing amount of 3D models is available in VRML format, as this fosters a common
representation, independent of the acquisition or modelling techniques used to create the
model.

The system developed within the Nefertiti project supports content-based retrieval of 3D
models based on both geometry and visual appearance (i.e., colour and texture) [28]. For
the purpose of describing geometry, the system relies on aspect ratio, on a wavelet
decomposition of a voxel-based representation of the volume enclosed by the mesh, and on
the distribution of cords_ angles and lengths. Cords are vectors from the center of mass to
the center of the polygons comprising the surface. Using cords rather than surface normals
makes the system less sensitive to local variations of their orientations.

Also Kolonias et al. have used dimensions of the bounding box (i.e., its aspect ratios)
and a binary voxel-based representation of geometry derived from the polygonal mesh [23].
They further relied on a third feature, namely a set of paths outlining the shape (model
routes). Model routes are computed according to a set of heuristics, and combine a number
of edges forming a more or less straight polyline. To perform retrieval, a distance is
computed between the reference and database models; this is a weighted combination of
distances between corresponding features. A recent study on the usage of shape
distributions has been reported in [29] (cords fall into this category). Different shape
functions (mapping geometric properties to a scalar value) have been assessed. Shape func-
tions are typically computed on couples or triples of random points on the surface. The
distribution (i.e., histogram) of such values is then evaluated, and used as a signature for the
corresponding model.

In [26] a method is proposed to select feature points which relies on the evaluation of
Gaussian and median curvature maxima, as well as of torsion maxima on the surface. To
reduce sensitivity to noise, a preliminary iterative smoothing is carried out on the models.
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The first step in matching develops on a geometric hashing of the aforementioned feature
points; in a second step, preliminary results are refined through global verification.
Geometric hashing techniques for model-based recognition of 3D objects have been
previously used in [24]. Different orientations of the surface of the object are stored in a
hash table mapping triplets of surface points into their orientations.

In [14], Elad et al. rely on moments (up to the 4th–7th order) of surface points as basic
features to support retrieval of 3D models. Differently from the case of 2D images,
evaluation moments is not affected by (self-)occlusions. The retrieval engine exploits a
Support Vector Machine to implement a relevance feedback mechanism. This usually
allows queries to converge within 1–4 iterations.

3 From 3D models to curvature maps

Description of the geometric structure of a 3D object is accomplished through the following
steps: pre-processing, curvature estimation, deformation, curvature mapping. In the first
step, the 3D object model—that is represented as a 3D mesh—is subject to polygonal
reduction and smoothing. Then, during the second step, curvature of the 3D surface is
estimated for each vertex of the mesh. Information about curvature is used to annotate each
vertex. In the third step, the 3D object mesh is subject to a deformation process. By acting
on the ðx; y; zÞ position of each mesh vertex, this process aims at collapsing the 3D object
mesh onto a 3D sphere. At the end of the deformation process, the 3D object mesh roughly
resembles a sphere and each vertex of the mesh keeps track of its curvature on the original
3D object. Once deformation is complete, the annotated spherical mesh is projected onto an
image that encodes position and curvature of points on the original object surface. This
image is used as a descriptor of the geometric structure of the original 3D object.

These four steps are described in detail in the following subsections.

3.1 Smoothing and polygon simplification

High resolution 3D models obtained through scanning of real world objects are often
affected by high frequency noise, due to either the scanning device or the subsequent
registration process. Hence, smoothing is mostly required when dealing with such models.
Further, smoothing is also required when objects (and, therefore, the corresponding models)
display textured surfaces, but the focus of attention is on their global shape, and not on their
local surface properties. Selection of a smoothing filter is a critical step, as application of
some filters entails changes in the shape of the models. For instance, mean or Laplacian
smoothing cause shrinking of the model (a known problem, which has been pointed out—
for example—in [26, 40]. In Laplacian smoothing, every vertex x is moved from its original
location by an offset ΔðxÞ; the offset is determined as a function of the neighboring vertices
of x, and a parameter λ controls the strength of the filter. To avoid shrinking, we adopted
the filter first proposed by Taubin [38]. This filter, also known as λjμ filter, operates
iteratively, and interleaves a Laplacian smoothing weighed by λ with a second smoothing
weighed with a negative factor μ (λ > 0, μ < �λ < 0). This second step is introduced to
preserve the model’s original shape. The quality of the Taubin filter, compared with the
median and Laplacian, is shown in figure 1.

In many cases, some additional pre-processing is required to reduce the complexity of
the model. To this end, an algorithm performing an iterative contraction of vertex pairs (i.e.,
edges) is used: first, all edges are ranked according to a cost metric; then, the minimum cost
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vertex pair is contracted; finally, the costs are updated [19] (see figure 2). The algorithm is
iterated until a predefined stop criterion is met (e.g., desired number of polygons for the
simplified model). This approach displays some advantages over others: it is simpler than
vertex removal; it is well defined on any simplicial complex; as a by-product, it induces a
hierarchy. In our experiments, we carried out supervised polygon reduction, where the stop
criterion was set in terms of the number of polygons of the final model. Once the algorithm
had been applied to the models in the database, the resulting models were inspected to
assess their quality. If some model was over-simplified, the simplification process was
carried out again, on the original model, by setting a higher number of polygons as the goal
of the simplification.

Smoothing is typically applied prior to polygon reduction. However, since this latter
process may produce some noise, an additional smoothing iteration can be also applied
afterwards.

3.2 Curvature estimation

An approach to evaluation of curvature of polygonal meshes is described by Taubin, which
uses a Laurent series approximation to estimate the tensor of curvature [39]. A somewhat
different approach is proposed in [27], where the estimation is not limited to adjacent
triangles, but rather extends to a geodesic neighborhood. While this latter approach reduces
sensitivity to noise, it requires an algorithm for evaluation of the neighborhood. In the
proposed approach, estimation of surface curvature at a generic vertex vi of the mesh is
accomplished by considering variations of surface normal over the platelet V vi of vertex vi.
This guarantees less sensitivity to noise and acquisition errors.

In particular, surface curvature in correspondence with the ith vertex vi of the mesh M is
estimated by considering versor v?i , that is, the normal to M at point vi. Then, the
platelet V vi of vertex vi is considered. This is defined as the set of all mesh vertices around

Fig. 2 Polygonal simplification
is obtained through edge con-
traction: iteratively, the edge dis-
playing the lowest cost is
contracted into a single vertex,
until a given stop criterion is met

Fig. 1 Different smoothing filters behave differently on a 3D model: (a) the original (noisy) 3D model, (b) the
model obtained by applying a mean smoothing filter, and (c) the model obtained through Taubin filtering. The
Taubin filter prevents shrinkage of (parts of) the model, which, instead, occurs with the mean smoothing
filter (see, for instance, the legs of the cow)
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vi. Given a generic vertex of the platelet vj 2 Vvi let v?j be the normal to M at point vj.
Mesh curvature +vi at vertex vi is estimated as:

+vi ¼
1

2

P
vj2Vvi jv?i � v?j j

jVvi j ð1Þ

It can be shown that with this definition, the value of +vi is always in ½0; 1�.

3.3 Deformation

The aim of the mesh deformation process is to transform the original mesh into a sphere or,
more precisely, into a new mesh that can be described as a function on a sphere. Mesh
deformation is obtained by iteratively applying a smoothing operator to the mesh. In
general, application of a smoothing operator is accomplished by updating the position of
each vertex of the mesh according to the following formula:

MðviÞ � ω ¼ μP
vj2Vvi wj

X
vj2Vvi

wj � vi � vi ð2Þ

being weights ω ¼ fwjg characteristic of each operator and μ a parameter used to control
the amount of motion of each vertex and to guarantee stability and continuity of the
smoothing process.

Under the assumption of low μ values, the iterative application of the smoothing
operator to every vertex of the mesh is equivalent to an elastic deformation process. During
the deformation process each vertex of the mesh should be moved in order to satisfy two
sometimes opposite requirements: mesh regularization and curvature minimization. The
former requirement implies transformation of the mesh into a uniform mesh—i.e., a mesh
for which the distance between a generic vertex and its first order neighbors is almost
constant. Ideally, vertices of the mesh could be moved so as to minimize the variance of
mesh edges. Whereas, to meet the latter requirement, the position of a generic vertex should
be updated so as to decrease the absolute value of the local curvature.

As demonstrated in previous work [4], application of Laplacian Smoothing, Taubin
Smoothing, or Bilaplacian Flow operators increases mesh regularization but may result in
unnatural deformations of the original mesh. Differently, application of Mean Curvature
Flow operator doesn’t guarantee mesh regularization.

To achieve both regularization and smoothing of the original mesh, the proposed
solution develops on the application of two distinct operators at each step of the iterative
deformation process. In particular, Laplacian and Gaussian smoothing operators are used in
combination to achieve both mesh smoothing and regularization. Application of the two
operators is iterated until the average value of vertex motion falls below a predefined
threshold τ .

As an example, in figure 3 results of three deformation processes are shown,
representing deformations of a bunny model. The first and second deformation processes
(figures 3b–c) result from the application of one operator only (Laplacian and Gaussian,
respectively). The third process, instead, results from the application, at each iteration step,
of both Laplacian and Gaussian operators (figure 3d). It can be noticed that application of
the sole Laplacian operator results in unnatural deformations. Differently, application of the
sole Gaussian curvature operator results in a non-uniform mesh: especially of regions
corresponding to the tips of the ears.
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3.4 Mapping

Projection of a curved surface is a well known problem in cartography [35]. There are many
different projections used to map (a part of) the globe onto a plane, but their description is
far beyond the scope of this paper.2 Each one has its peculiar advantages and disadvantages.
For instance, the gnomonic projection transforms geodesics (i.e., curves of shortest length
connecting two points) into straight line segments; this is of paramount utility when
searching for the shortest route on the globe. Instead, the Mercator projection transforms
rhumb lines (i.e., curves on the globe that are traced when keeping a constant direction) into
straight lines, easing the navigation task in that these lines can be followed by keeping the
same direction. However, a distortion is inevitably associated with the projection process,
whatever the projection is. Hence, it is never a matter of “if ” but always a matter of “how
much” and of “what kind”. In fact, it is not possible to map even a portion of a spherical
surface onto a plane without introducing some distortion.

In our approach, we have selected the Archimedes’ projection (also known as the
Lambert equal-area projection). Similarly to the Mercator projection, the Archimedes
projection is a cylindrical projection (see figure 4). In particular, it is the projection along a
line perpendicular to the axis connecting the poles and parallel to the equatorial plane.
Thus, a point on the sphere with latitude D and longitude 6, is mapped into the point on the
cylinder with the same longitudinal angle D and height sinð6Þ above (or below) the equa-
torial plane. In other words, this map is created by wrapping a cylinder around the equator
and then projecting along lines of constant latitude. When the cylinder is unrolled, a flat

2 For a detailed analysis the interested reader can also refer to
http://thierry.hatt.gps.free.fr/projections/projections-cartes.htm
http://math.rice.edu/~polking/cartography/cart.pdf
http://www.mentorsoftwareinc.com/cc/gistips/TIPSarch.HTM

Fig. 3 Three deformation processes: a Laplacian operator only, b Gaussian operator only, and c Mesh
deformation using both Laplacian and Gaussian curvature operators
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coordinate system is produced. A cylinder can be unrolled without creating distortion in the
east–west directions, the distortion being limited to north/south only. Areas close to the
equator exhibit little distortion either way.

A major advantage of the Archimedes’ projection is that it is an area preserving
projection: all regions on the surface of the sphere are mapped into regions on the map
having the same area. This guarantees that, regardless of the position on the sphere, the
relevance of any region is the same both on the sphere and on the map.

In general, projecting a spherical surface onto a 2D map entails one degree of freedom
that limits map invariance to certain geometrical transforms (rotation and translation). For
instance, the actual mapping that is obtained through the Archimedes’ projection depends
on the position of the poles. In order to cope with this problem, two alternative strategies
can be adopted. One possible solution is used before the generation of the map and is based
on the definition of a criterion that reduces the degree of freedom by defining a suitable
constraint. Alternatively, invariance can be achieved later on, in the matching phase, by
adopting a similarity measure that is not sensitive to the aforementioned transforms.

In our case, we decided to adopt the first strategy. In particular, the first two inertia axes
are used to determine position of poles on the sphere and identification of the cutting plane,
used to unroll the sphere.

4 From curvature maps to model descriptors

Ideally, once a 3D model is represented through a 2D curvature map, any approach
supporting image retrieval by visual similarity could be used to evaluate the similarity
between two 3D models. In fact, this can be achieved by computing the similarity of the
corresponding maps.

In practice, some care must be put in the choice of the combination of map projection
and image description techniques. For instance, the Archimedes projection preserves
regions’ areas but it implies a severe distortion of regions’ shapes (the closer a region to one
of the poles the more its shape on the map appears distorted). Hence, to take full advantage
of properties of the Archimedes projection, the similarity between two image maps should

Fig. 4 Mapping a sphere onto a plane: (a) Mercator, and (b) Archimedes projections. The Mercator projection
is a conformal projection, and rhumb lines (i.e., paths with a constant compass direction) are mapped into
straight lines. The Archimedes projection is a non conformal projection preserving the area of any set
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be computed based on region area and their spatial arrangement. Whereas, techniques that
evaluate image similarity based on shape features may prove inadequate for this projection
technique. Similar considerations apply to techniques relying on texture features, especially
if these are based on some geometric primitive.

In the proposed approach, information about curvature maps is captured at two distinct
levels: tiles obtained by a uniform tessellation of the map, and homogeneous regions
obtained by segmenting the map. In the former case, we use histograms to capture global
properties of map tiles, whereas in the latter case we rely on weighted walkthroughs to
describe spatial arrangement and local properties of regions on the map. Details on the two
techniques are provided hereafter.

4.1 Histogram-based description of map tiles

Several techniques have been proposed so far to represent information about the frequency
distribution of features within an image [17, 20, 31, 34, 36]. Among these, histograms are
probably the most commonly employed, both for their simplicity of use and for some
convenient properties (colour histograms have been included in the basic features covered
by the MPEG-7 standard). These include low storage requirements, invariance to image
scaling and rotation, as well as ease of combination with metric indexing structures.
Histograms provide a synthetic representation for content, and have been used for different
features, such as colour and shape [17, 21]. The above properties make histograms very
appealing for the problem at hand.

Histograms notation and properties A generic histogram H with n bins is an element of the
histogram space Hn � Rn. Given an image and a quantization of a feature space, histogram
bins count the number of occurrences of points of that quantized feature value in the image.

Histograms also support a multi-resolution description of image features. Given a
partitioning of an image into n fine-grained tiles, histograms provide a representation for the
content of each of these tiles. The representation of a wider tile, at a less fine-grained level,
can be computed by merging the histograms of every tile Ri

k at level i that contribute to the
tile Riþ1 at level iþ 1 (Riþ1 ¼ [m

k¼1Ri
k). In this case, each j-th bin hiþ1

j at level iþ 1 is
computed as follows:

hiþ1
j ¼

Xm
k¼1

hij;k 8j ¼ 1; . . . ; n ð3Þ

In order to compute the similarity between two histograms, a norm must be defined in
the histogram space. Several distance measures have been proposed to evaluate the
similarity between two histograms (for a detailed review refer to [7, 31]). In our
experiments the Kolmogorov-Smirnov distance was adopted. Thus, the distance between
two histograms H and H 0 is computed as follows:

DKSðH ;H 0Þ ¼ max
i
ðȟi; ȟ

0
iÞ ð4Þ

being ȟi and ȟ
0
ii-th element of the cumulated histogram of H and H 0, respectively (i.e.,

ȟi ¼
Pi

k¼1 hk).
To support description of models at different resolutions, we have chosen to work with

three levels of detail: at the highest level of detail the map is partitioned according to a
regular grid comprising 32 tiles, at the intermediate level the grid comprises 8 tiles, and at
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the lowest level a single tile covers the whole image. Following the above discussion,
histograms at the lower levels can be computed from histograms at the highest level.

For the implementation of the system presented in this paper, 100 reference curvature
values were selected to quantize the curvature space, and histograms with 100 bins are used
to encode curvature information for each of the tiles images are partitioned into. Histograms
are normalized with respect to the image size so as to provide scale invariance of the
representation.

Similarity computation Since the content of a map is represented at several resolution
levels, the computation of the similarity between two maps relies on matching descriptors at
equal resolution levels. At a generic resolution level, each map is partitioned into n tiles and
each tile is represented through a 100-bins curvature histogram.

Computing the distance between two maps requires to find the best tiles correspondence
function. This is defined as the permutation p : f1; . . . ; ng ! f1; . . . ; ng that minimizes the
sum of distances between corresponding tiles, that is:

D j
maps M ; M̂

� �
¼ min

p

Xn
i¼1

DK SðHj
i; Ĥ

j
pðiÞÞ

( )
ð5Þ

being Hj
i the histogram of the i-th tile in the first map and Ĥ j

pðiÞ the histogram of the pðiÞ-th
tile in the second map.

The solution p to Eq. 5 is approximated through a heuristic search approach that
requires to scan all tiles in the first map in a predefined order and associate to each tile the
most similar tile not yet associated in the second map. This pairwise NN association yields
a suboptimal solution.

As an example, in figure 5 the simplified models of two curvature maps are reported.
Each map is partitioned into eight rectangular tiles. Each tile is associated with a histogram
that, for the sake of simplicity, is assumed to be a 1-dimensional vector: a scalar number.
The value of the histogram is reported inside each tile. Furthermore, within each map, tiles
are ordered clockwise starting for the upper-left one. Solution of Eq. 5 requires the
identification of the best permutation function p : f1; . . . ; 8g ! f1; . . . ; 8g that minimizes
the sum of distances between tiles’ histograms.

Obviously, the best permutation function for this case is given by poptðiÞ ¼ i,
8i 2 f1; . . . ; 8g. In fact, with this permutation function the distance between histograms
of corresponding tiles is always null apart from the association of the tile 2 in the first map
with tile 2 in the second one. In this case, the distance is j21� 23j ¼ 2.

It should be noticed that the use of a greedy search approach yields a suboptimal
solution in this case. In fact, by adopting this approach, tiles in the first map are associated
(clockwise, starting from the upper-left one) to the most similar tile in the second map. This

Fig. 5 Comparison of two sample maps. Each map tile is represented through a 1-dimensional histogram
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yields the selection of the permutation function shown in Table 1. In this case, the distance
between the two maps amounts to j23� 24j þ j24� 26j þ j26� 28j þ j28� 21j ¼ 12.

4.2 Weighted walkthroughs of map regions

The use of curvature histograms for global description of map content has several
advantages, including invariance to image scaling and rotation, as well as ease of
combination with metric indexing structures. However, description of map content through
histograms is not able to capture neither the spatial arrangement nor the local properties of
individual regions of the map. In some cases this can be a limitation, since information about
individual regions and their spatial arrangement in the map is strictly related to information
about shape and structure of the original 3D mesh. To overcome these limitations, the coarse
description of map content is complemented with a local approach capturing local properties
of individual regions in the map as well as their spatial arrangement.

Local description of map content is based on weighted walkthroughs technique [13]. In
particular, description of map content is accomplished by segmenting the map into regions
characterized by uniform curvature values. For each region, information about region area
and average curvature is retained. Furthermore, for each pair of regions, their relative
position is captured through a 3� 3 array corresponding to the weighted walkthroughs for
the two regions, as explained in the following.

Weighted Walkthrough Definition and Notation Given two regions in the plane, there is an
infinite set of paths leading from a generic point a 2 A to a point b 2 B. This infinite set of
paths can be reduced to a finite set of 9 equivalence classes. Equivalence classes abstract
from the specific trajectory of the path connecting a and b and only encode the mutual
displacement of a and b.

Each of these classes, called walkthrough, can be encoded by a pair of indices hi; ji,
taking values in f�1; 0; 1g. Index i (j) is equal to �1, 0 or 1 depending on whether the step
along the horizontal (vertical) axis, has a negative, null or positive orientation, respectively
(see figure 6).

In order to represent the relative position of two regions A and B each walkthrough hi; ji
is associated with a weight wi;jðA;BÞ measuring the number of pairs of points of A and B
that are connected through a Cartesian path equivalent to the walkthrough hi; ji. This weight
is evaluated as:

wi;jðA;BÞ ¼ Ki;jðA;BÞ
Z
A

Z
B
Ciðxb � xaÞCjðyb � yaÞdxadxbdyadyb ð6Þ

i 1 2 3 4 5 6 7 8

p(i) 1 3 4 8 5 6 7 2

Table 1 Solution to Eq. 5 for maps
shown in figure 5, using a greedy
search approach
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being:

– C�1ð�Þ and C1ð�Þ the characteristic function of negative and positive real numbers;
– C0ð�Þ the Dirac function;
– Ki; jðA;BÞ a positive normalization factor used to guarantee that wi;j 2 ½0; 1� 8i; j.

The use of weighted walkthroughs enables description of map content in the form of an
attributed relational graph. Graph vertices correspond to regions of the map and are labelled
with the region’s area and average curvature. Graph edges retain information about the
relative position of regions they link and are labelled with the corresponding 3� 3
weighted walkthroughs. It can be noticed that, due to the definition of weighted
walkthrough, wi; jðA;BÞ ¼ w�i;�jðB;AÞ. This permits to label the edge between vertices A
and B only with wi; jðA;BÞ, yet being able to derive from these values the values of
wi; jðB;AÞ.

The descriptor of content of a generic map can be represented as hR; f ;wi, being R the
set of regions in the map, f the set of visual features capturing the appearance of each
region (in our case region area and average curvature), and w the set of weighted
walkthroughs capturing the relative position of each region pair.

Similarity computation Computation of the similarity between two descriptors of map local
content is equivalent to an error correcting subgraph isomorphism problem [16], which is
an NP-complete problem with exponential time solution algorithms [18].

In general, computation of the similarity between two graphs hR; f ;wi and hR0; f 0;w0i
requires the association of the entities in the first graph with a subset of the entities in the
second graph (without loss of generality it can be assumed that the number of entities on the
first graph is less than or equal to the number of entities of the second graph). This
association is equivalent to an injective function * such that

* : R 7!R0

r1; r2 2 R and r1 6¼ r2 ) *ðr1Þ 6¼ *ðr2Þ

The similarity between two graphs under the association * is computed by combining
vertex and edge distances. For this purpose, it is assumed that two metric functions Df and

Fig. 6 Equivalence classes.
Paths ð1Þ and ð10Þ—connecting
points a and b of regions A and B,
respectively—belong to the same
equivalence class (i.e., walk-
through) which encodes the mu-
tual displacement between the
two points; similarly, paths ð2Þ
and ð20Þ belong to a second
walkthrough, encoding the dis-
placement between a and b0
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Dw are provided to compute the distance between two region descriptors (graph vertices)
and two weighted walkthroughs sets (graph edges), respectively.

In the proposed approach, identification of the optimal association *opt is accomplished
through the technique presented in [6]. This is based on a look-ahead strategy that extends
classical state-space search approaches. These latter derive the optimal solution by
searching in a state-space including all possible assignments of the entities (vertices and
edges) of the two graphs to be compared [42]. In order to avoid an exhaustive inspection of
the space of solutions, search is done incrementally, by repeatedly incrementing the number
of assigned entities in the two graphs.

Fig. 7 The web interface of the 3D content-based retrieval system. The snapshot shows a query carried out
on the histogram-based representation of tiles of the curvature map. In the upper left corner the query is
shown. Retrieved models are displayed below it
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5 Experimental results and competitive assessment

Approximately 250 models were collected to build the test database. These comprise three
classes of models: taken from the web, manually authored (with a 3D CAD software), and
variations of the previous two classes (obtained through deformation or application of
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Fig. 8 Distance (with respect to the query) of items retrieved in figure 7

Fig. 9 The figure shows the best three correspondences of regions of the curvature maps of two bunny
models, backprojected onto the original models. The correspondences were found following the heuristic
search outlined in Section 4.1
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noise, which caused surface points to be moved from their original locations). Feature
descriptors were then evaluated and added to the index.

Figure 7 shows the web interface of the prototype system displaying a retrieval example
for the histogram-based description of map tiles, where the model of a bunny was selected
as a query template (upper left). Retrieved models are shown below. The database contains

Fig. 10 Curvature maps of the two models of figure 9. The three best-matching tiles were highlighted on
both maps

Fig. 11 Retrieval of 3D models by global similarity. In the upper left corner the query is shown. Retrieved
models are sorted in decreasing order of similarity from left to right and from top to bottom
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five bunny models, and all of them were retrieved. Figure 8 shows more information about
this retrieval example. In particular, the distance value between the query and each retrieved
item is plotted. Representation of distance values evidences that the first three retrieved
items are remarkably more similar to the query than the other retrieved items. Actually, the
fourth and sixth ranked models, still representing a bunny, are so much deformed that their
curvature map is not much dissimilar to the map of a dinosaur model (fifth, seventh and
eighth ranked models). Figure 9 provides additional insights into the matching process,
showing the three best matches between regions of two different models (the two maps are
reported in figure 10 for the sake of completeness).
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Fig. 13 Comparison of precision/recall figures for the three methods: curvature histograms, moments, and
weighted walkthroughs of curvature maps. The graph shows the retrieval performance of curvature
histograms, moments, and of the histogram-based description of curvature maps

Fig. 12 Curvature maps of the first two models of figure 11
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Fig. 14 Retrieval by similarity of parts. (a) The body and tail of the dinosaur are used as query. (b)–(g)
retrieved models
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Figure 11 shows a second retrieval example. In this case, the weighted walkthrough-
based description of map regions was used. The model of a cow was selected as a query
template (upper left). Retrieved models are shown next. The database contains five cow
models, and all of them were retrieved.

Figure 12 provides insight into the matching process, showing the maps of the query
model and the best matched retrieved model.

Comparative assessment Among the different techniques reviewed in Section 2, we
selected the curvature histograms [41] and moments of surface points [14] for a
comparative assessment, as enough implementation details were provided. Curvature
histograms are constructed by evaluating the curvature of points of the mesh. This can be
regarded as a special case of our approach: they can actually be evaluated by summing up
the corresponding bins for all tiles of the curvature map. Differently, to evaluate the
moments of a 3D object defined by a polygonal mesh, a limited set of points fPi ¼
ðxi; yi; ziÞgNi¼1 is considered:

mpqr ¼ 1

N

XN
i¼1

wix
p
i y

q
i z

r
i

where wi is a weight, which is usually proportional to the area of the portion of surface
associated to the point Pi. To make the representation independent of the actual position of
the model, the first order moments m100, m010 and m001 are first evaluated, and higher order
moments are then evaluated with respect to the first order moments. In our experiments,
moments were computed for each model, up to the sixth order. This choice is motivated by
the aim of attaining sufficient discriminatory power among different models.

Feature descriptors were extracted, to support all of the methods. Then, four sample
queries were submitted to each of the three retrieval engines. Average precision vs. recall
curves are shown in figure 13.

The comparative evaluation shows that our method performs well with both description
techniques. This may be accounted to the fact that they allow for a local description of the
models, while the other two methods only provide a global description. In fact, a global
description is often inadequate also for 2D images, and 3D provides even more degrees of
freedom, so that a global description may fail to discriminate among the different models.
This hypothesis can be confirmed by the fact that the weighted walkthrough-based
description of regions performs better that the histogram-based description of tiles, given
that the former yields a better characterization of the maps in terms of their local properties.

In figure 14a–g an example of retrieval by part similarity is shown. In figure 14a two
parts of the model of a dinosaur have been selected to be used as a query. The two parts
(highlighted with red and green colours) roughly correspond to the body and the tail of the
dinosaur. Retrieval results are shown in figure 14b–g. On each retrieved model, best
matched regions are highlighted with red and green colours, so as to evidence their
correspondence with the two query regions. On all retrieved models but one, best matched
parts are also perceptually similar to the query parts. Only the fifth retrieved model,
representing the model of a bean, is not perceptually similar to the query. Detailed
inspection of the image map associated with the bean model shows that the reason why this
model is retrieved is due to the close similarity of the dinosaur and bean models after the
elastic deformation process. Due to this similarity, some regions on the curvature maps of
the dinosaur and bean models are similar as well.
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6 Conclusions and future work

In this paper, a model for representation and retrieval of 3D objects is presented. The model
develops on the combined use of object deformation and planar projection to represent
differential properties of the object surface through a 2D curvature map encoding the
structure of the original object. Curvature map content is captured through histograms of
tiles and weighted walkthroughs of regions.

Experimental results are presented to demonstrate the effectiveness of the proposed
solution both for retrieval by global 3D model similarity and for retrieval by similarity of
parts.

A comparative analysis is reported to demonstrate the potential and effectiveness of the
proposed approach with respect to alternative solutions presented in the literature.

Future work will address investigation of the effects on retrieval effectiveness of using
other features, in addition to area and curvature, to represent the structure of surface regions
on the original 3D model.

Acknowledgment The authors thank Dr. Gianni Antini for his valuable contribution to part of this work.

References

1. Ankerst M, Kastenmuller G, Kriegel HP, Seidl T (1999, July) 3D space histograms for similarity search
and classification in spatial databases. In Proc. 6th Int. Symposium on Spatial Databases (SSD’99). Hong
Kong, China

2. Assfalg J, Bertini M, Colombo C, Del Bimbo A (2002) Semantic annotation of sports videos. IEEE
Multimed 9(2):52–60

3. Balakrishnan R, Fitzmaurice GW, Kurtenbach G (2001, March) User interfaces for volumetric displays.
IEEE Comput 34(3):37–45

4. Belyaev AG, Bogaevski IA, Ohtake Y (2000, April 10–12) Polyhedral surface smoothing with
simultaneous mesh regularization. In: Proceedings of Geometric Modeling and Processing 2000. Theory
and applications. Hong Kong, China, pp 229–237

5. Berchtold S, Kriegel HP (1997) S3: Similarity search in CAD database systems. Proceedings of the
ACM SIGMOD International Conference on Management of Data, May, Tucson, Arizona, pp 564–567

6. Berretti S, Del Bimbo A, Vicario E (2001, October) Efficient matching and indexing of graph models in
content-based retrieval. IEEE Trans. on Pattern Analysis and Machine Intelligence 23(10):1089–1105

7. Brunelli, Mich (2001) Histogram analysis for image retrieval. Pattern Recognit 34(8):1625–1637
8. Chalmers A, Rushmeier H (eds) (2002, September/October) Special issue on Computer graphics in art

history and archaeology. IEEE Comput Graph Appl 22(5)
9. Colombo C, Del Bimbo A, Pernici F (2002, June) Uncalibrated 3D metric reconstruction and flattened

texture acquisition from a single view of a surface of revolution. In: Proceedings of 1st international
symposium on 3D data processing visualization and transmission 3DPVT 2002, Padova, Italy, pp 277–
284, IEEE

10. Courtney JD (1997) Automatic video indexing via object motion analysis. Pattern Recognit 30(4):607–
625

11. Dagtals S, Al-Khatib W, Ghafoor A, Kashyap RL (2000) Models for motion-based video indexing and
retrieval. IEEE Trans Image Processing 9(1):88–101

12. Del Bimbo A (1999) Visual information retrieval. Academic, New York
13. Del Bimbo A, Vicario E (1998, June) Using weighted spatial relationships in retrieval by visual contents.

In: Proceedings of the IEEE workshop on content-based access of image and video libraries
(CBAIVL’98, Santa Barbara, California, pp 35–39

14. Elad M, Tal A, Ar S (2001, September) Content based retrieval of VRML objects—An iterative and
interactive approach. EG Multimed 97–108

15. Elvins TT, Jain R (1995, December) Web-based volumetric data retrieval. In: Proceedings of VRML 95,
the first annual conference on the virtual reality modeling language

48 Multimed Tools Appl (2006) 31: 29–50



16. Eshera MA, Fu K-S (1984, May/June) A graph measure for image analysis. IEEE Trans Systems, Man
and Cybernetics 14(3):398–407

17. Flickner M, Sawhney H, Niblack W, Ashley J, Huang Q, Dom B, Gorkani M, Hafner J, Lee D, Petkovic
D, Steele D, Janker P (1995, September) Query by image and video content: the QBIC System. IEEE
Comput 28(9):310–315

18. Garey MR, Johnson D (1979) Computer and intractability: a guide to the theory of NP-completeness.
Freeman, San Francisco

19. Garland M (1999, September) Multiresolution modeling: survey & future opportunities. In: Proceedings
of Eurographics’99

20. Huang J, Ravi Kumar S, Mitra M, Zhu W-J, Zabih R (1997, June 17–19) Image indexing using color
correlograms. In: Proceedings International Conference on Computer Vision and Pattern Recognition
(CVPR’97), Puerto Rico

21. Jain AK, Vailaya A (1996, August) Image retrieval using color and shape. Pattern Recognit 29(8):1233–1244
22. Kriegel HP, Seidl T (1998) Approximation-based similarity search for 3D surface segments.

GeoInformatica Journal 2(2):113–147, Kluwer, Norwell, Massachusetts
23. Kolonias I, Tzovaras D, Malassiotis S, Strintzis MG (2001, September 19–21) Content-based similarity

search of VRML models using shape descriptors. In: Proceedings of International Workshop on Content-
Based Multimedia Indexing, Brescia (I)

24. Lamdan Y, Wolfson HJ (1988) Geometric hashing: A general and efficient model-based recognition
scheme. Proceedings IEEE International Conference on Computer Vision, Tampa, Florida, pp 238–249

25. Levoy M, Pulli K, Curless B, Rusinkiewicz S, Koller D, Pereira L, Ginzton M, Anderson S, Davis J,
Ginsberg J, Shade J, Fulk D (2000, July) The digital Michelangelo project. In: Proceedings of the
Conference on Computer Graphics (SIGGRAPH 2000)

26. Mokhtarian F, Khalili N, Yeun P (2001) Multi-scale free-form 3D object recognition using 3D models.
Image Vis Comput 19(5):271–281

27. Page DL, Koschan A, Sun Y, Paik J, Abidi MA (2001, December 11–13) Robust crease detection and
curvature estimation of piecewise smooth surfaces from triangle mesh approximations using normal
voting. In Proceedings of the IEEE Int. Conf. on Computer Vision and Pattern Recognition (CVPR_01),
Kauai, Hawaii 1:162–167

28. Paquet E, Rioux M (1999) Nefertiti: a query by content system for three-dimensional model and image
database management. Image Vis Comput 17(2):157–166

29. Osada R, Funkhouser T, Chazelle B, Dobkin D (1999) Matching 3D models with shape distribution. In:
Proceedings of shape modeling international, Genova (I)

30. Roth V (1999) Content-based retrieval from digital video. Image Vis Comput 17(7):531–540
31. Rubner Y, Tomasi C, Guibas LJ (1998) A metric for distributions with applications to image databases.

In: Proceedings of the IEEE International Conference on Computer Vision (ICCV’98), Bombay, India
32. Santini S, Jain R (1999) Similarity measures. IEEE Transactions on Pattern Analysis and Machine

Intelligence 21(9):871–883
33. Smeulders AWM,Worring M, Santini S, Gupta A, Jain R (2000, December) Content-based image retrieval

at the end of the early years. IEEE Trans Pattern Analysis and Machine Intelligence 22(12):1349–1380
34. Smith, JR, Chang SF (1996, November) VisualSEEk: a fully automated content-based image query

system. In: Proceedings of ACM Multimedia ’96. Boston, Massachusetts
35. Snyder JP, Bugayevski LM (1995) Map projections—a reference manual. Taylor & Francis
36. Swain MJ, Ballard DH (1991) Color indexing. Int J Comput Vis 7(1):11–32
37. Taubin G, Cooper DB (1991) Recognition and positioning of rigid objects using algebraic moment

invariants. Geometric Methods in Computer Vision 1570:175–186, SPIE
38. Taubin G (1995) A signal processing approach to fair surface design. Comput Graph (Annual

Conference Series) 29:351–358
39. Taubin G (1995) Estimating the tensor of curvature of a surface from a polyhedral approximation. Fifth

International Conference on Computer Vision (ICCV’95)
40. Taubin G (2000) Geometric signal processing on polygonal meshes. In: Proceedings of Eurographics 2000
41. Vandeborre J-Ph, Couillet V, Daoudi M (2002) A practical approach for 3D model indexing by

combining local and global invariants. In: Proceedings of the 1st International Symposium on 3D Data
Processing, Visualization, and Transmission (3DPVT’02)

42. Tsai W-H, Fu K-S (1979, November/December) Error-correcting isomorphism of attributed relational
graphs for pattern analysis. IEEE Trans Systems, Man and Cybernetics 12(6):657–767

43. Wong K-YK, Mendonca PRS, Cipolla R (2003, February) Camera calibration from surfaces of
revolution. IEEE Trans PAMI 25(2):147–161

44. Zhang HJ, Wu JH, Zhong D, Smoliar SW (1997) An integrated system for content-based video retrieval
and browsing. Pattern Recognit 30(4):643–658

Multimed Tools Appl (2006) 31: 29–50 49



Jurgen Assfalg received the Laurea degree in electronics engineering from the Universityà degli Studi di
Firenze, Italy, in 1998. In 2002 he received a Ph.D. in information and telecommunications engineering from
the same University. He was then a research associate at the Visual Information Processing Lab until the end
of 2003. He is now with the local government of the Provincia di Firenze. His research interests include
multimedia retrieval systems, advanced user interfaces, and 3D graphics. He currently is a member of the
ACM.

Alberto Del Bimbo is Full Professor of Computer Engineering and the Director of the Master in Multimedia
of the University of Florence, Italy. At the present time, he is also Deputy Rector of the University of
Florence, in charge of Research and Innovation Transfer. His scientific interests are Pattern Recognition,
Image Databases, Human Computer Interaction and Multimedia applications. He has published over 170
publications in some of the most distinguished scientific journals and international conferences, and is the
author of the “Visual Information Retrieval” monography on content-based retrieval from image and video
databases. Prof. Del Bimbo is Member of IEEE (Institute of Electrical and Electronic Engineers) and Fellow
of IAPR (International Association for Pattern Recognition). He was the President of the IAPR Italian
Chapter, from 1996 to 2000 and Member at Large of the IEEE Publication Board from 1998 to 2000. He has
been Associate Editor of Pattern Recognition, Journal of Visual Languages and Computing, Multimedia
Tools and Applications, Pattern Analysis and Applications, IEEE Transactions on Multimedia, and IEEE
Transactions on Pattern Analysis and Machine Intelligence. He was the Guest Editor of several special issues
on Image databases and image analysis.

Pietro Pala graduated cum laude in Electronics Engineering at the University of Firenze, Italy in 1994. From
the same University, he received the Ph.D. in Information and Telecommunications Engineering in 1997.
Presently, he is Associate Professor of Computer Engineering at the University of Firenze where he teaches
“Database Management Systems” and “Image and Video Processing and Analysis.” He also teaches
“Multimedia Systems” at the degrees in “Internet Engineering” and “Content Design” of Master in Multimedia
of the University of Firenze. Pietro Pala is vice-chair of the IAPR Technical Committee 12 on Multimedia and
Visual Information Systems. His main scientific and research interests include Pattern Recognition, Image and
Video Databases and Multimedia Information Retrieval.

50 Multimed Tools Appl (2006) 31: 29–50


	Content-based retrieval of 3D models through curvature maps: a CBR approach exploiting media conversion
	Abstract
	Introduction
	Related work
	From 3D models to curvature maps
	Smoothing and polygon simplification
	Curvature estimation
	Deformation
	Mapping

	From curvature maps to model descriptors
	Histogram-based description of map tiles
	Weighted walkthroughs of map regions

	Experimental results and competitive assessment
	Conclusions and future work
	References




<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (None)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Perceptual
  /DetectBlends true
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 524288
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveEPSInfo true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AardvarkPSMT
    /AceBinghamSH
    /AddisonLibbySH
    /AGaramond-Italic
    /AGaramond-Regular
    /AkbarPlain
    /Albertus-Bold
    /AlbertusExtraBold-Regular
    /AlbertusMedium-Italic
    /AlbertusMedium-Regular
    /AlfonsoWhiteheadSH
    /Algerian
    /AllegroBT-Regular
    /AmarilloUSAF
    /AmazoneBT-Regular
    /AmeliaBT-Regular
    /AmerigoBT-BoldA
    /AmerTypewriterITCbyBT-Medium
    /AndaleMono
    /AndyMacarthurSH
    /Animals
    /AnneBoleynSH
    /Annifont
    /AntiqueOlive-Bold
    /AntiqueOliveCompact-Regular
    /AntiqueOlive-Italic
    /AntiqueOlive-Regular
    /AntonioMountbattenSH
    /ArabiaPSMT
    /AradLevelVI
    /ArchitecturePlain
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMTBlack-Regular
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeLight
    /ArialUnicodeLight-Bold
    /ArialUnicodeLight-BoldItalic
    /ArialUnicodeLight-Italic
    /ArrowsAPlentySH
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /Asiana
    /AssadSadatSH
    /AvalonPSMT
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /AvantGardeITCbyBT-Demi
    /AvantGardeITCbyBT-DemiOblique
    /AvantGardeITCbyBT-Medium
    /AvantGardeITCbyBT-MediumOblique
    /BankGothicBT-Light
    /BankGothicBT-Medium
    /Baskerville-Bold
    /Baskerville-Normal
    /Baskerville-Normal-Italic
    /BaskOldFace
    /Bauhaus93
    /Bavand
    /BazookaRegular
    /BeauTerrySH
    /BECROSS
    /BedrockPlain
    /BeeskneesITC
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BenguiatITCbyBT-Bold
    /BenguiatITCbyBT-BoldItalic
    /BenguiatITCbyBT-Book
    /BenguiatITCbyBT-BookItalic
    /BennieGoetheSH
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardBoldCondensedBT-Regular
    /BernhardFashionBT-Regular
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /Bethel
    /BibiGodivaSH
    /BibiNehruSH
    /BKenwood-Regular
    /BlackadderITC-Regular
    /BlondieBurtonSH
    /BodoniBlack-Regular
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /BodoniBT-Bold
    /BodoniBT-BoldItalic
    /BodoniBT-Italic
    /BodoniBT-Roman
    /Bodoni-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Regular
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolFive
    /BookshelfSymbolFour
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /BookwomanDemiItalicSH
    /BookwomanDemiSH
    /BookwomanExptLightSH
    /BookwomanLightItalicSH
    /BookwomanLightSH
    /BookwomanMonoLightSH
    /BookwomanSwashDemiSH
    /BookwomanSwashLightSH
    /BoulderRegular
    /BradleyHandITC
    /Braggadocio
    /BrailleSH
    /BRectangular
    /BremenBT-Bold
    /BritannicBold
    /Broadview
    /Broadway
    /BroadwayBT-Regular
    /BRubber
    /Brush445BT-Regular
    /BrushScriptMT
    /BSorbonna
    /BStranger
    /BTriumph
    /BuckyMerlinSH
    /BusoramaITCbyBT-Medium
    /Caesar
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-Italic
    /CalligrapherRegular
    /CameronStendahlSH
    /Candy
    /CandyCaneUnregistered
    /CankerSore
    /CarlTellerSH
    /CarrieCattSH
    /CaslonOpenfaceBT-Regular
    /CassTaylorSH
    /CDOT
    /Centaur
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturyOldStyle-BoldItalic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Cezanne
    /CGOmega-Bold
    /CGOmega-BoldItalic
    /CGOmega-Italic
    /CGOmega-Regular
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /Charting
    /ChartreuseParsonsSH
    /ChaseCallasSH
    /ChasThirdSH
    /ChaucerRegular
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /ChildBonaparteSH
    /Chiller-Regular
    /ChuckWarrenChiselSH
    /ChuckWarrenDesignSH
    /CityBlueprint
    /Clarendon-Bold
    /Clarendon-Book
    /ClarendonCondensedBold
    /ClarendonCondensed-Bold
    /ClarendonExtended-Bold
    /ClassicalGaramondBT-Bold
    /ClassicalGaramondBT-BoldItalic
    /ClassicalGaramondBT-Italic
    /ClassicalGaramondBT-Roman
    /ClaudeCaesarSH
    /CLI
    /Clocks
    /ClosetoMe
    /CluKennedySH
    /CMBX10
    /CMBX5
    /CMBX7
    /CMEX10
    /CMMI10
    /CMMI5
    /CMMI7
    /CMMIB10
    /CMR10
    /CMR5
    /CMR7
    /CMSL10
    /CMSY10
    /CMSY5
    /CMSY7
    /CMTI10
    /CMTT10
    /CoffeeCamusInitialsSH
    /ColetteColeridgeSH
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CommercialPiBT-Regular
    /CommercialScriptBT-Regular
    /Complex
    /CooperBlack
    /CooperBT-BlackHeadline
    /CooperBT-BlackItalic
    /CooperBT-Bold
    /CooperBT-BoldItalic
    /CooperBT-Medium
    /CooperBT-MediumItalic
    /CooperPlanck2LightSH
    /CooperPlanck4SH
    /CooperPlanck6BoldSH
    /CopperplateGothicBT-Bold
    /CopperplateGothicBT-Roman
    /CopperplateGothicBT-RomanCond
    /CopticLS
    /Cornerstone
    /Coronet
    /CoronetItalic
    /Cotillion
    /CountryBlueprint
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /CSSubscript
    /CSSubscriptBold
    /CSSubscriptItalic
    /CSSuperscript
    /CSSuperscriptBold
    /Cuckoo
    /CurlzMT
    /CybilListzSH
    /CzarBold
    /CzarBoldItalic
    /CzarItalic
    /CzarNormal
    /DauphinPlain
    /DawnCastleBold
    /DawnCastlePlain
    /Dekker
    /DellaRobbiaBT-Bold
    /DellaRobbiaBT-Roman
    /Denmark
    /Desdemona
    /Diploma
    /DizzyDomingoSH
    /DizzyFeiningerSH
    /DocTermanBoldSH
    /DodgenburnA
    /DodoCasalsSH
    /DodoDiogenesSH
    /DomCasualBT-Regular
    /Durian-Republik
    /Dutch801BT-Bold
    /Dutch801BT-BoldItalic
    /Dutch801BT-ExtraBold
    /Dutch801BT-Italic
    /Dutch801BT-Roman
    /EBT's-cmbx10
    /EBT's-cmex10
    /EBT's-cmmi10
    /EBT's-cmmi5
    /EBT's-cmmi7
    /EBT's-cmr10
    /EBT's-cmr5
    /EBT's-cmr7
    /EBT's-cmsy10
    /EBT's-cmsy5
    /EBT's-cmsy7
    /EdithDaySH
    /Elephant-Italic
    /Elephant-Regular
    /EmGravesSH
    /EngelEinsteinSH
    /English111VivaceBT-Regular
    /English157BT-Regular
    /EngraversGothicBT-Regular
    /EngraversOldEnglishBT-Bold
    /EngraversOldEnglishBT-Regular
    /EngraversRomanBT-Bold
    /EngraversRomanBT-Regular
    /EnviroD
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErasITC-Ultra
    /ErnestBlochSH
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EuroRoman
    /EuroRomanOblique
    /ExxPresleySH
    /FencesPlain
    /Fences-Regular
    /FifthAvenue
    /FigurineCrrCB
    /FigurineCrrCBBold
    /FigurineCrrCBBoldItalic
    /FigurineCrrCBItalic
    /FigurineTmsCB
    /FigurineTmsCBBold
    /FigurineTmsCBBoldItalic
    /FigurineTmsCBItalic
    /FillmoreRegular
    /Fitzgerald
    /Flareserif821BT-Roman
    /FleurFordSH
    /Fontdinerdotcom
    /FontdinerdotcomSparkly
    /FootlightMTLight
    /ForefrontBookObliqueSH
    /ForefrontBookSH
    /ForefrontDemiObliqueSH
    /ForefrontDemiSH
    /Fortress
    /FractionsAPlentySH
    /FrakturPlain
    /Franciscan
    /FranklinGothic-Medium
    /FranklinGothic-MediumItalic
    /FranklinUnic
    /FredFlahertySH
    /Freehand575BT-RegularB
    /Freehand591BT-RegularA
    /FreestyleScript-Regular
    /Frutiger-Roman
    /FTPMultinational
    /FTPMultinational-Bold
    /FujiyamaPSMT
    /FuturaBlackBT-Regular
    /FuturaBT-Bold
    /FuturaBT-BoldCondensed
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-ExtraBlack
    /FuturaBT-ExtraBlackCondensed
    /FuturaBT-ExtraBlackCondItalic
    /FuturaBT-ExtraBlackItalic
    /FuturaBT-Light
    /FuturaBT-LightItalic
    /FuturaBT-Medium
    /FuturaBT-MediumCondensed
    /FuturaBT-MediumItalic
    /GabbyGauguinSH
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Antiqua
    /Garamond-Bold
    /Garamond-Halbfett
    /Garamond-Italic
    /Garamond-Kursiv
    /Garamond-KursivHalbfett
    /Garcia
    /GarryMondrian3LightItalicSH
    /GarryMondrian3LightSH
    /GarryMondrian4BookItalicSH
    /GarryMondrian4BookSH
    /GarryMondrian5SBldItalicSH
    /GarryMondrian5SBldSH
    /GarryMondrian6BoldItalicSH
    /GarryMondrian6BoldSH
    /GarryMondrian7ExtraBoldSH
    /GarryMondrian8UltraSH
    /GarryMondrianCond3LightSH
    /GarryMondrianCond4BookSH
    /GarryMondrianCond5SBldSH
    /GarryMondrianCond6BoldSH
    /GarryMondrianCond7ExtraBoldSH
    /GarryMondrianCond8UltraSH
    /GarryMondrianExpt3LightSH
    /GarryMondrianExpt4BookSH
    /GarryMondrianExpt5SBldSH
    /GarryMondrianExpt6BoldSH
    /GarryMondrianSwashSH
    /Gaslight
    /GatineauPSMT
    /Gautami
    /GDT
    /Geometric231BT-BoldC
    /Geometric231BT-LightC
    /Geometric231BT-RomanC
    /GeometricSlab703BT-Bold
    /GeometricSlab703BT-BoldCond
    /GeometricSlab703BT-BoldItalic
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /GeometricSlab703BT-Medium
    /GeometricSlab703BT-MediumCond
    /GeometricSlab703BT-MediumItalic
    /GeometricSlab703BT-XtraBold
    /GeorgeMelvilleSH
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Gigi-Regular
    /GillSansBC
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSansCondensed-Bold
    /GillSansCondensed-Regular
    /GillSansExtraBold-Regular
    /GillSans-Italic
    /GillSansLight-Italic
    /GillSansLight-Regular
    /GillSans-Regular
    /GoldMinePlain
    /Gonzo
    /GothicE
    /GothicG
    /GothicI
    /GoudyHandtooledBT-Regular
    /GoudyOldStyle-Bold
    /GoudyOldStyle-BoldItalic
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleExtrabold-Regular
    /GoudyOldStyle-Italic
    /GoudyOldStyle-Regular
    /GoudySansITCbyBT-Bold
    /GoudySansITCbyBT-BoldItalic
    /GoudySansITCbyBT-Medium
    /GoudySansITCbyBT-MediumItalic
    /GraceAdonisSH
    /Graeca
    /Graeca-Bold
    /Graeca-BoldItalic
    /Graeca-Italic
    /Graphos-Bold
    /Graphos-BoldItalic
    /Graphos-Italic
    /Graphos-Regular
    /GreekC
    /GreekS
    /GreekSans
    /GreekSans-Bold
    /GreekSans-BoldOblique
    /GreekSans-Oblique
    /Griffin
    /GrungeUpdate
    /Haettenschweiler
    /HankKhrushchevSH
    /HarlowSolid
    /HarpoonPlain
    /Harrington
    /HeatherRegular
    /Hebraica
    /HeleneHissBlackSH
    /Helvetica
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HenryPatrickSH
    /Herald
    /HighTowerText-Italic
    /HighTowerText-Reg
    /HogBold-HMK
    /HogBook-HMK
    /HomePlanning
    /HomePlanning2
    /HomewardBoundPSMT
    /Humanist521BT-Bold
    /Humanist521BT-BoldCondensed
    /Humanist521BT-BoldItalic
    /Humanist521BT-Italic
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-Roman
    /Humanist521BT-RomanCondensed
    /IBMPCDOS
    /IceAgeD
    /Impact
    /Incised901BT-Bold
    /Incised901BT-Light
    /Incised901BT-Roman
    /Industrial736BT-Italic
    /Informal011BT-Roman
    /InformalRoman-Regular
    /Intrepid
    /IntrepidBold
    /IntrepidOblique
    /Invitation
    /IPAExtras
    /IPAExtras-Bold
    /IPAHighLow
    /IPAHighLow-Bold
    /IPAKiel
    /IPAKiel-Bold
    /IPAKielSeven
    /IPAKielSeven-Bold
    /IPAsans
    /ISOCP
    /ISOCP2
    /ISOCP3
    /ISOCT
    /ISOCT2
    /ISOCT3
    /Italic
    /ItalicC
    /ItalicT
    /JesterRegular
    /Jokerman-Regular
    /JotMedium-HMK
    /JuiceITC-Regular
    /JupiterPSMT
    /KabelITCbyBT-Book
    /KabelITCbyBT-Ultra
    /KarlaJohnson5CursiveSH
    /KarlaJohnson5RegularSH
    /KarlaJohnson6BoldCursiveSH
    /KarlaJohnson6BoldSH
    /KarlaJohnson7ExtraBoldCursiveSH
    /KarlaJohnson7ExtraBoldSH
    /KarlKhayyamSH
    /Karnack
    /Kartika
    /Kashmir
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KeplerStd-Black
    /KeplerStd-BlackIt
    /KeplerStd-Bold
    /KeplerStd-BoldIt
    /KeplerStd-Italic
    /KeplerStd-Light
    /KeplerStd-LightIt
    /KeplerStd-Medium
    /KeplerStd-MediumIt
    /KeplerStd-Regular
    /KeplerStd-Semibold
    /KeplerStd-SemiboldIt
    /KeystrokeNormal
    /Kidnap
    /KidsPlain
    /Kindergarten
    /KinoMT
    /KissMeKissMeKissMe
    /KoalaPSMT
    /KorinnaITCbyBT-Bold
    /KorinnaITCbyBT-KursivBold
    /KorinnaITCbyBT-KursivRegular
    /KorinnaITCbyBT-Regular
    /KristenITC-Regular
    /Kristin
    /KunstlerScript
    /KyotoSong
    /LainieDaySH
    /LandscapePlanning
    /Lapidary333BT-Bold
    /Lapidary333BT-BoldItalic
    /Lapidary333BT-Italic
    /Lapidary333BT-Roman
    /Latha
    /LatinoPal3LightItalicSH
    /LatinoPal3LightSH
    /LatinoPal4ItalicSH
    /LatinoPal4RomanSH
    /LatinoPal5DemiItalicSH
    /LatinoPal5DemiSH
    /LatinoPal6BoldItalicSH
    /LatinoPal6BoldSH
    /LatinoPal7ExtraBoldSH
    /LatinoPal8BlackSH
    /LatinoPalCond4RomanSH
    /LatinoPalCond5DemiSH
    /LatinoPalCond6BoldSH
    /LatinoPalExptRomanSH
    /LatinoPalSwashSH
    /LatinWidD
    /LatinWide
    /LeeToscanini3LightSH
    /LeeToscanini5RegularSH
    /LeeToscanini7BoldSH
    /LeeToscanini9BlackSH
    /LeeToscaniniInlineSH
    /LetterGothic12PitchBT-Bold
    /LetterGothic12PitchBT-BoldItal
    /LetterGothic12PitchBT-Italic
    /LetterGothic12PitchBT-Roman
    /LetterGothic-Bold
    /LetterGothic-BoldItalic
    /LetterGothic-Italic
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Regular
    /LibrarianRegular
    /LinusPSMT
    /Lithograph-Bold
    /LithographLight
    /LongIsland
    /LubalinGraphMdITCTT
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSansUnicode
    /LydianCursiveBT-Regular
    /Magneto-Bold
    /Mangal-Regular
    /Map-Symbols
    /MarcusHobbesSH
    /Mariah
    /Marigold
    /MaritaMedium-HMK
    /MaritaScript-HMK
    /Market
    /MartinMaxxieSH
    /MathTypeMed
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /MaudeMeadSH
    /MemorandumPSMT
    /Metro
    /Metrostyle-Bold
    /MetrostyleExtended-Bold
    /MetrostyleExtended-Regular
    /Metrostyle-Regular
    /MicrogrammaD-BoldExte
    /MicrosoftSansSerif
    /MikePicassoSH
    /MiniPicsLilEdibles
    /MiniPicsLilFolks
    /MiniPicsLilStuff
    /MischstabPopanz
    /MisterEarlBT-Regular
    /Mistral
    /ModerneDemi
    /ModerneDemiOblique
    /ModerneOblique
    /ModerneRegular
    /Modern-Regular
    /MonaLisaRecutITC-Normal
    /Monospace821BT-Bold
    /Monospace821BT-BoldItalic
    /Monospace821BT-Italic
    /Monospace821BT-Roman
    /Monotxt
    /MonotypeCorsiva
    /MonotypeSorts
    /MorrisonMedium
    /MorseCode
    /MotorPSMT
    /MSAM10
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MSReference1
    /MSReference2
    /MTEX
    /MTEXB
    /MTEXH
    /MT-Extra
    /MTGU
    /MTGUB
    /MTLS
    /MTLSB
    /MTMI
    /MTMIB
    /MTMIH
    /MTMS
    /MTMSB
    /MTMUB
    /MTMUH
    /MTSY
    /MTSYB
    /MTSYH
    /MT-Symbol
    /MTSYN
    /Music
    /MVBoli
    /MysticalPSMT
    /NagHammadiLS
    /NealCurieRuledSH
    /NealCurieSH
    /NebraskaPSMT
    /Neuropol-Medium
    /NevisonCasD
    /NewMilleniumSchlbkBoldItalicSH
    /NewMilleniumSchlbkBoldSH
    /NewMilleniumSchlbkExptSH
    /NewMilleniumSchlbkItalicSH
    /NewMilleniumSchlbkRomanSH
    /News702BT-Bold
    /News702BT-Italic
    /News702BT-Roman
    /Newton
    /NewZuricaBold
    /NewZuricaItalic
    /NewZuricaRegular
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NigelSadeSH
    /Nirvana
    /NuptialBT-Regular
    /OCRAbyBT-Regular
    /OfficePlanning
    /OldCentury
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OpenSymbol
    /OttawaPSMT
    /OttoMasonSH
    /OzHandicraftBT-Roman
    /OzzieBlack-Italic
    /OzzieBlack-Regular
    /PalatiaBold
    /PalatiaItalic
    /PalatiaRegular
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /PalmSpringsPSMT
    /Pamela
    /PanRoman
    /ParadisePSMT
    /ParagonPSMT
    /ParamountBold
    /ParamountItalic
    /ParamountRegular
    /Parchment-Regular
    /ParisianBT-Regular
    /ParkAvenueBT-Regular
    /Patrick
    /Patriot
    /PaulPutnamSH
    /PcEncodingLowerSH
    /PcEncodingSH
    /Pegasus
    /PenguinLightPSMT
    /PennSilvaSH
    /Percival
    /PerfectRegular
    /Pfn2BlackItalic
    /Phantom
    /PhilSimmonsSH
    /Pickwick
    /PipelinePlain
    /Playbill
    /PoorRichard-Regular
    /Poster
    /PosterBodoniBT-Italic
    /PosterBodoniBT-Roman
    /Pristina-Regular
    /Proxy1
    /Proxy2
    /Proxy3
    /Proxy4
    /Proxy5
    /Proxy6
    /Proxy7
    /Proxy8
    /Proxy9
    /Prx1
    /Prx2
    /Prx3
    /Prx4
    /Prx5
    /Prx6
    /Prx7
    /Prx8
    /Prx9
    /Pythagoras
    /Raavi
    /Ranegund
    /Ravie
    /Ribbon131BT-Bold
    /RMTMI
    /RMTMIB
    /RMTMIH
    /RMTMUB
    /RMTMUH
    /RobWebsterExtraBoldSH
    /Rockwell
    /Rockwell-Bold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /RomanC
    /RomanD
    /RomanS
    /RomanT
    /Romantic
    /RomanticBold
    /RomanticItalic
    /Sahara
    /SalTintorettoSH
    /SamBarberInitialsSH
    /SamPlimsollSH
    /SansSerif
    /SansSerifBold
    /SansSerifBoldOblique
    /SansSerifOblique
    /Sceptre
    /ScribbleRegular
    /ScriptC
    /ScriptHebrew
    /ScriptS
    /Semaphore
    /SerifaBT-Black
    /SerifaBT-Bold
    /SerifaBT-Italic
    /SerifaBT-Roman
    /SerifaBT-Thin
    /Sfn2Bold
    /Sfn3Italic
    /ShelleyAllegroBT-Regular
    /ShelleyVolanteBT-Regular
    /ShellyMarisSH
    /SherwoodRegular
    /ShlomoAleichemSH
    /ShotgunBT-Regular
    /ShowcardGothic-Reg
    /Shruti
    /SignatureRegular
    /Signboard
    /SignetRoundhandATT-Italic
    /SignetRoundhand-Italic
    /SignLanguage
    /Signs
    /Simplex
    /SissyRomeoSH
    /SlimStravinskySH
    /SnapITC-Regular
    /SnellBT-Bold
    /Socket
    /Sonate
    /SouvenirITCbyBT-Demi
    /SouvenirITCbyBT-DemiItalic
    /SouvenirITCbyBT-Light
    /SouvenirITCbyBT-LightItalic
    /SpruceByingtonSH
    /SPSFont1Medium
    /SPSFont2Medium
    /SPSFont3Medium
    /SpsFont4Medium
    /SPSFont4Medium
    /SPSFont5Normal
    /SPSScript
    /SRegular
    /Staccato222BT-Regular
    /StageCoachRegular
    /StandoutRegular
    /StarTrekNextBT-ExtraBold
    /StarTrekNextPiBT-Regular
    /SteamerRegular
    /Stencil
    /StencilBT-Regular
    /Stewardson
    /Stonehenge
    /StopD
    /Storybook
    /Strict
    /Strider-Regular
    /StuyvesantBT-Regular
    /StylusBT
    /StylusRegular
    /SubwayRegular
    /SueVermeer4LightItalicSH
    /SueVermeer4LightSH
    /SueVermeer5MedItalicSH
    /SueVermeer5MediumSH
    /SueVermeer6DemiItalicSH
    /SueVermeer6DemiSH
    /SueVermeer7BoldItalicSH
    /SueVermeer7BoldSH
    /SunYatsenSH
    /SuperFrench
    /SuzanneQuillSH
    /Swiss721-BlackObliqueSWA
    /Swiss721-BlackSWA
    /Swiss721BT-Black
    /Swiss721BT-BlackCondensed
    /Swiss721BT-BlackCondensedItalic
    /Swiss721BT-BlackExtended
    /Swiss721BT-BlackItalic
    /Swiss721BT-BlackOutline
    /Swiss721BT-Bold
    /Swiss721BT-BoldCondensed
    /Swiss721BT-BoldCondensedItalic
    /Swiss721BT-BoldCondensedOutline
    /Swiss721BT-BoldExtended
    /Swiss721BT-BoldItalic
    /Swiss721BT-BoldOutline
    /Swiss721BT-Italic
    /Swiss721BT-ItalicCondensed
    /Swiss721BT-Light
    /Swiss721BT-LightCondensed
    /Swiss721BT-LightCondensedItalic
    /Swiss721BT-LightExtended
    /Swiss721BT-LightItalic
    /Swiss721BT-Roman
    /Swiss721BT-RomanCondensed
    /Swiss721BT-RomanExtended
    /Swiss721BT-Thin
    /Swiss721-LightObliqueSWA
    /Swiss721-LightSWA
    /Swiss911BT-ExtraCompressed
    /Swiss921BT-RegularA
    /Syastro
    /Sylfaen
    /Symap
    /Symath
    /SymbolGreek
    /SymbolGreek-Bold
    /SymbolGreek-BoldItalic
    /SymbolGreek-Italic
    /SymbolGreekP
    /SymbolGreekP-Bold
    /SymbolGreekP-BoldItalic
    /SymbolGreekP-Italic
    /SymbolGreekPMono
    /SymbolMT
    /SymbolProportionalBT-Regular
    /SymbolsAPlentySH
    /Symeteo
    /Symusic
    /Tahoma
    /Tahoma-Bold
    /TahomaItalic
    /TamFlanahanSH
    /Technic
    /TechnicalItalic
    /TechnicalPlain
    /TechnicBold
    /TechnicLite
    /Tekton-Bold
    /Teletype
    /TempsExptBoldSH
    /TempsExptItalicSH
    /TempsExptRomanSH
    /TempsSwashSH
    /TempusSansITC
    /TessHoustonSH
    /TexCatlinObliqueSH
    /TexCatlinSH
    /Thrust
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldOblique
    /Times-ExtraBold
    /Times-Italic
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Oblique
    /Times-Roman
    /Times-Semibold
    /Times-SemiboldItalic
    /TimesUnic-Bold
    /TimesUnic-BoldItalic
    /TimesUnic-Italic
    /TimesUnic-Regular
    /TonyWhiteSH
    /TransCyrillic
    /TransCyrillic-Bold
    /TransCyrillic-BoldItalic
    /TransCyrillic-Italic
    /Transistor
    /Transitional521BT-BoldA
    /Transitional521BT-CursiveA
    /Transitional521BT-RomanA
    /TranslitLS
    /TranslitLS-Bold
    /TranslitLS-BoldItalic
    /TranslitLS-Italic
    /TransRoman
    /TransRoman-Bold
    /TransRoman-BoldItalic
    /TransRoman-Italic
    /TransSlavic
    /TransSlavic-Bold
    /TransSlavic-BoldItalic
    /TransSlavic-Italic
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /TribuneBold
    /TribuneItalic
    /TribuneRegular
    /Tristan
    /TrotsLight-HMK
    /TrotsMedium-HMK
    /TubularRegular
    /Tunga-Regular
    /Txt
    /TypoUprightBT-Regular
    /UmbraBT-Regular
    /UmbrellaPSMT
    /UncialLS
    /Unicorn
    /UnicornPSMT
    /Univers
    /UniversalMath1BT-Regular
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Italic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-CondensedOblique
    /UniversExtended-Bold
    /UniversExtended-BoldItalic
    /UniversExtended-Medium
    /UniversExtended-MediumItalic
    /Univers-Italic
    /UniversityRomanBT-Regular
    /UniversLightCondensed-Italic
    /UniversLightCondensed-Regular
    /Univers-Medium
    /Univers-MediumItalic
    /URWWoodTypD
    /USABlackPSMT
    /USALightPSMT
    /Vagabond
    /Venetian301BT-Demi
    /Venetian301BT-DemiItalic
    /Venetian301BT-Italic
    /Venetian301BT-Roman
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /VinetaBT-Regular
    /Vivaldii
    /VladimirScript
    /VoguePSMT
    /Vrinda
    /WaldoIconsNormalA
    /WaltHarringtonSH
    /Webdings
    /Weiland
    /WesHollidaySH
    /Wingdings-Regular
    /WP-HebrewDavid
    /XavierPlatoSH
    /YuriKaySH
    /ZapfChanceryITCbyBT-Bold
    /ZapfChanceryITCbyBT-Medium
    /ZapfDingbatsITCbyBT-Regular
    /ZapfElliptical711BT-Bold
    /ZapfElliptical711BT-BoldItalic
    /ZapfElliptical711BT-Italic
    /ZapfElliptical711BT-Roman
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZappedChancellorMedItalicSH
    /ZurichBT-BlackExtended
    /ZurichBT-Bold
    /ZurichBT-BoldCondensed
    /ZurichBT-BoldCondensedItalic
    /ZurichBT-BoldItalic
    /ZurichBT-ExtraCondensed
    /ZurichBT-Italic
    /ZurichBT-ItalicCondensed
    /ZurichBT-Light
    /ZurichBT-LightCondensed
    /ZurichBT-Roman
    /ZurichBT-RomanCondensed
    /ZurichBT-RomanExtended
    /ZurichBT-UltraBlackExtended
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 150
  /GrayImageDepth -1
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org?)
  /PDFXTrapped /False

  /SyntheticBoldness 1.000000
  /Description <<
    /DEU <>
    /ENU <>
  >>
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [2834.646 2834.646]
>> setpagedevice


