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Executive Summary1

Deriving value from structured data analytics is now commonplace. The value of unstructured textual data, 
however, remains mostly untapped and often unrecognized. The full article describes the text analytics journeys 
of three organizations in the customer service management area. All three used text mining to analyze the 
content of streams of incoming service requests so they can better understand their customers’ problems and, as 
a consequence, improve their customer service processes. 

Unlike earlier text analytics tools, the latest generation of solutions can be used by tech-savvy business 
people. These solutions possess four distinctive features: they are data-driven, rather than rule-based; they are 
able to process textual data in real time, rather than in periodic batch runs; they make probabilistic inferences, 
rather than drawing deterministic conclusions; and they use visual displays that communicate results in an 
intuitive and effective way. 

 While early natural language processing systems were based on hand-written grammatical rules for 
extracting meaning from texts, today’s systems rely on statistical machine learning techniques to automatically 
discover patterns in large collections of texts. As a result, they can process a wide variety of texts from 
different domains without needing laborious updates to an underlying rule base. They are also able to handle 
ungrammatical texts—for example, posts taken from online forums or messages from social networking sites. 
Moreover, instead of providing a single answer, probabilistic systems offer alternative answers to any given 
query, each weighted with a likelihood of being correct or relevant. The visual outputs of today’s text analytics 

1 The full article is published in the December 2016 issue of MIS Quarterly Executive, available online at www.misqe.org. 
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Features of the Latest Generation of Text Analytics Solutions

Feature Business value

Founda  on Data-driven instead of rule-based • Requires less manual eff ort

• Provides self-learning systems

Speed Real-  me instead of periodic batch 
runs

• Enables con  nuous “listening” to textual data streams 

• Reduces reac  on  mes

Logic Probabilis  c inferences instead of 
determinis  c decisions

• Explores diff erent answers to a given problem

• Gains trust of users

Output Intui  ve visualiza  ons instead of 
cryp  c annota  ons

• Provides fast and eff ec  ve communica  on to end users 

• Enables self-service text analy  cs for lines of business
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tools, combined with their overall usability, enable ordinary and non-technical line-of-business people to 
analyze written texts themselves.

Each of the three case organizations used the same tool, which had these four features of advanced text 
analytics solutions. The tool was developed as part of the research effort on which the full article is based and 
then adapted and tailored to the needs of each organization. The IT organization at Florida State University 
uses the tool to capture the lood of incoming IT service requests and to build a knowledge base of “best 
practices” for solving IT service problems. Hilti, a leading-edge, Liechtenstein-based technology provider to 
construction professionals, uses the tool to mine the unstructured textual streams coming into its customer 
service operation. It can now monitor the feedback of thousands of customers in real time and respond to 
service patterns and trends in an ad hoc fashion. Inventx AG, a Swiss IT company specializing in providing 
IT services to leading inancial institutions, uses the tool to improve its IT service management process by 
automating the process of categorizing and monitoring the steady stream of service requests lowing into its 
helpdesk. It has also embedded text analytics directly into the process of solving individual customer issues.

Lessons Learned
Despite their differences in the type of service offered, their customers, their industry and their 

geography, as well as the initiatives that were triggered as part of the text analysis, four general lessons can 
be drawn from the experience of the three organizations we studied.

1. Position Text Analytics in Business Units, Not IT. The rationale for positioning text analytics 
capabilities in a business unit (e.g., marketing and sales, customer service) is that analytical projects are less 
about rolling out IT tools and more about understanding how these tools might be used for creating business 
value. Business users know best which questions to investigate, which datasets to explore and how to 
translate insights into actions. Moreover, positioning text analytics in a business unit generates trust among 
users and management alike, and ensures that use cases for text analytics are well understood.

2. Learn the Basics of Text Analytics by Analyzing the Past. Our research shows that it’s best to start 
by analyzing an historical dataset (e.g., last year’s service tickets) before trying to gain insights from data 
streams in real time. This approach provides a way to experiment with the functionalities of the text analytics 
tool and to learn how to read and interpret its outputs. By irst analyzing the past, users also learn how to 
detect patterns and trends in the data—for example, by identifying the most prevalent topics in a body of text 
and tracking their evolution over time.

3. Move Eventually Toward Real-Time Monitoring of Textual Data Streams. Having learned the 
basics of text analytics and set up the required technical infrastructure, organizations can then move 
onto monitoring textual data streams in real time. An essential prerequisite is that textual data must be 
automatically streamed into the analytics tool. This often involves implementing adapters to periodically 
extract data and accompanying metadata from transactional systems, implementing streaming APIs to enable 
real-time analytics, transforming data structures and loading data into the text analytics tool. 

4. Embed Textual Analytics into Operational Business Processes. Once organizations have the 
capability to automatically derive insights from text analytics, they then need to translate the insights into 
actions. This will likely mean making existing business processes smarter by embedding text analytics 
into the control low. For instance, algorithmic analysis of the content of service requests can enable the 
automated routing of tickets to the most appropriate service agent, or the recommendation of solutions 
based on how requests were handled in the past. But smarter business processes must be accompanied by 
a change in organizational mindset to embrace algorithmic decision making and the automated initiation of 
actions. 

In summary, text analytics is a journey. As organizations learn the basics of the tools, they also learn 
about themselves. Each journey starts by taking a detailed look at historical textual data, continues with 
monitoring data as it comes in and ends with decisions that change the nature of how work is carried out. 
The three organizations we studied applied text analytics to the contents of their service requests. While 
each organization had a different analytical goal, their experiences were surprisingly similar. Each set out to 
achieve service improvements for its customers, although other business units may equally bene it from text 
analytics. Today’s advanced text analytics techniques are domain-free—that is, they try to extract knowledge 
from data, regardless of its content. 
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