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Abstract—The development of vehicular Internet of Things
(IoT) applications, such as E-Transport, Augmented Reality,
and Virtual Reality are growing progressively. The mobility
aware services and network-based security are fundamental
requirements of these applications. However, multi-side offloading
enabling blockchain and cost-efficient scheduling in heteroge-
neous vehicular fog cloud nodes network become a challenging
task. The study formulates this problem as a convex optimization
problem, where all constraints are the convex set. The goal of the
study is to minimize communication cost and computation cost
of applications under mobility, security, deadline, and resource
constraints. Initially, we propose a novel vehicular fog cloud net-
work (VFCN) which consists of different components and hetero-
geneous computing nodes. The ensure mobility privacy, the study
devises Mobility Aware Blockchain-Enabled offloading scheme
(MABOS). It extends blockchain enable multi-side offloading
(e.g., offline offloading and online offloading) with proof of work
(PoW), proof of creditability (PoC) and fault-tolerant techniques.
The purpose is to offload all tasks under the secure network
without any violation. Furthermore, to ensure Quality of Ser-
vice (QoS) of applications, this work suggests linear search based
task scheduling (LSBTS) method, which maps all tasks onto
appropriate computing nodes. The experimental results show that
devise schemes outperform all existing baseline approaches to the
considered problem.

Index Terms—Task offloading, Internet of Things, task
scheduling, VFCN, mobility, task deadline, system costs.

I. INTRODUCTION

HESE days, mobility aware Internet of Things (IoT)
applications have been growing progressively [1]. Due to
resource-constraint (limited storage, battery, and CPU) issues
of local devices, these applications rely on remote cloud
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resources to offload and execute requested complete tasks [2].
Such cloud systems are also able to support workloads by stor-
ing data and processing offloaded tasks [3]. In contrast, cen-
tralized cloud computing can cope with many delay-tolerant
types of applications and tasks (e.g., file system, database
type tasks). Due to multiple hops away from users, lower
latency type applications cannot run on cloud computing. The
fog computing is a new distributed computing prototype that
leverage cloud capacity closer to users. The fog paradigm
supports low latency applications with minimum execution
cost. Furthermore, fog cloud-based vehicular network supports
both delay-tolerant and delay-sensitive IoT applications with
mobility features in the environment. Therefore, fog-cloud
nodes could be used together to achieve applications goals.

Existing the mobile ad hoc network (MANET) and the
Vehicular ad hoc network (VANET) are widely used to
run mobility-based vehicle applications [4]. Furthermore,
the high-speed access networks, such as 5G Dynamic Spec-
trum Access (DSA) and high-speed WiFi, offers seamless links
in the [5] to boost the performance of the vehicle network. The
DSA-based base station and VFCN have ubiquitous commu-
nication to run any program [6]. For E-Transport applications,
the cloud services are required to integrate at the roadside unit
of the network [7]. It is called Vehicle to Infrastructure (V2I).

However, VFCN distributed systems has a security issue
which is an important challenge in the network. Trust aware
resources in VFCN reflects users’ decision on the authentic-
ity, integrity, security and stability of services provided by
various service providers. Authenticity refers to whether the
fog and cloud nodes based services have real identity claims.
Therefore, it is a challenge to how to ensure secure multi-side
offloading and scheduling in the VFCN for E-Transport
applications. Blockchain enables technology is a promising
solution, which consists of the growing list of data, named
blocks. These blocks are connecting through cryptographic
hash values. Each block involves a cryptographic fingerprint
of the previous block, includes timeframe and transaction data.
These essential characteristics of blockchain can be employed
in VFCN to address the security and trust issues.

The paper formulates blockchain-enabled and mobility
aware task multi-side offloading and scheduling problem with
vehicular fog cloud network. The objective is to minimize
communication cost and process cost of vehicular applications.
The problem constraints, i.e., network bandwidth, the deadline
of tasks, resource capacity of nodes are taking into consid-
ering during formulation. The nodes are a combination of
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heterogenous decentralized fog nodes and centralized cloud
to process generated requests by users. The Blockchain is a
distributed decentralized network that provides immutability,
privacy, security, and transparency. It is centralized to authen-
ticate and validate the transactions, yet each transaction in the
Blockchain is supposed to be effectively ensured and tested.
It to be done via consensus protocol, that is a part of the
Blockchain network. However, there are many challenges in
VECN which are to be investigated more.

Research Questions: There is a large room of challenges
in VECN. However, the study is considering these questions.
(i) How to design a secure system for E-Transport appli-
cations? (ii) How to perform offloading and scheduling for
E-Transport applications in the VFCN system which satisfies
all constraints of problem during processing.

o The paper proposes a novel vehicular fog cloud net-
work (VFCN) architecture with blockchain multi-side
offloading (offline offloading and online offloading) with
mobility, fault-tolerant and mobility constraints. However,
all existing up to architectures, i.e., Vehicular Ad hoc Net-
work (VANET) and Mobile ad hoc network (MANET)
offers only single side offloading enabling with mobility
features without fault-tolerant mechanism. The existing
architectures exploited asymmetric load balancing and
sharing of resource technique. Therefore network-based
security cannot be implemented in this feature. We sug-
gest asymmetric load balancing and heterogeneous com-
puting nodes which offers network-based security and
control based single master node. we devise Mobility
Aware Blockchain Enabled offloading scheme (MABOS)
which handles blockchain enable multi-side offloading
(e.g., offline offloading and online offloading) of tasks
with proof of work (PoW), proof of creditability (PoC)
and fault-tolerant techniques.

o All existing scheduling methods rarely consider the
mobility and network-based security features during
resource allocation onto heterogeneous computing nodes.
We are different than existing studies in the following
way. We devise Linear Searching Based Task Schedul-
ing (LSBTS) with sequencing, initial scheduling and
task migration components in VFCN. However, existing
studies [1]-[4] did not consider these components during
resource allocation which has directly impact on applica-
tion costs.

The rest of the paper is organized as follows. Section II is
about Related Work of existing works. Section III explains the
proposed description and formalizes the problem under study.
The proposed schemes for the considered problem is explained
in Section IV. Section V is the performance evaluation part.
Section VI is about the conclusion of the proposed work.

II. RELATED WORK

The mobility based offloading and scheduling in the fog
cloud network is a widely investigated problem. Many prac-
tical applications utilize the aforementioned network for their
executions. These constraints, e.g., deadline, security, nodes
resources, are taken into consideration with different objec-
tives such as system energy, latency, response time and
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costs. The costs determined by the communication cost and
computation cost. Existing studies addressed multi-parameters
based offloading and cost-aware scheduling based problem and
implied architectures and frameworks.

Existing studies addressed multi-parameters based offload-
ing and scheduling based on VANET and MANET archi-
tectures for, especially vehicular applications. Contract and
sharing resources and time-efficient and Mobility-Aware Task
Scheduling in Cloud-Fog IoT schemes advised in [1], [2].
For the offloading decision, deadline, resource (CPU) and
bandwidth parameters are taken into consideration. The goal
was to minimize service and communication costs during
scheduling. These studies [3]-[5] formulated cost-efficient task
scheduling problem under deadline constraint in MANET (i.e.,
only edge nodes). The objective was to minimize execution
cost during scheduling.

A mobility aware secured device-based data communi-
cation scheme and mobile Drone Assisted task scheduling
schemes in MANET investigated extensively in literature stud-
ies [6]-[8]. Based on MANET, these studies proposed FCFS,
Opportunistic Load Balancing and min-Max schemes to solve
offloading and scheduling problem with security constraints.
The Software-Defined Network helps to geographically dis-
tribute services of computing nodes. The Software-Defined
Network-based mobility aware dispersed fog nodes ser-
vices aware task scheduling schemes investigated by these
works [9]-[12]. The primary goal is to deploy computing
and communication nodes at the road unit side for vehicular
applications in MANET. The malicious activities, latency and
resource-limitation, were elements taken into account. The
goal was to minimize latency and response time of applications
at the users level. However, the studies above solved either
offloading or scheduling for IoT applications individually in
their considered problems. Furthermore, joint offloading and
scheduling problems are analyzing [13]-[16] with security
constraint in vehicular edge network. The methods based on
simulated annealing linear search, local search and global,
and different earliest finish were suggested. However, certain
methods offer centralized security at particular nodes (e.g.,
either on local nodes and computation/communication nodes)
without considering the entire network situation.

Moreover, based on network security, especially with the
introduction of blockchain technology, much decentralized
aware security-aware mechanism were discussed. For instance,
the works [17]-[20] introduced blockchain enable and mobil-
ity aware task scheduling models in the distributed vehicular
network. The public blockchain-based security their particu-
lar methods were discussed. The decentralized nodes (e.g.,
cloudlet, edge, and fog) and centralized cloud were taken as
the processing nodes for offloading tasks. Many objectives
were obtained, i.e., minimize latency, communication and
computation costs, and increase the authentication with proof
of works, and proof of crediability techniques. The private
blockchain aware methods and architectures with consensus
and failure aware techniques were examined for applica-
tions [21]-[23].

To the best our knowledge, blockchain-enabled mobil-
ity aware multi-side offloading and scheduling problem in
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Fig. 1. Blockchain aware vehicular fog cloud network.

vehicular fog cloud network has not been studied yet.
The significant constraints such as offloading time, secu-
rity, resource and deadline constraints have widely ignored
by existing studies. Recently, published [24] investigated
Blockchain-Based Secure Spectrum Trading for Unmanned-
Aerial-Vehicle-Assisted Cellular Networks. However, they
only focused on communication security instead of compu-
tation security, and they did not consider multi-side offload-
ing safety during mobility. We proposed a Mobility Aware
Blockchain-Enabled offloading scheme (MABOS) to ensure
privacy, offloading time constraints of tasks and different
earliest finish time-based task scheduling algorithm under
deadline, resource and security constraints. Due to mobility,
an initial solution could not be optimal. Therefore we propose
a linear Search-Based Task Scheduling (LSBTS) algorithm,
which determines the allocations of tasks to the resources.

IIT1. PROBLEM FORMULATION

The proposed vehicular fog cloud network consists of
different components as shown in Figure 1. The offloaded
tasks arrive randomly to the system. The system consists of
the master node and the tasks queue. The queue initially
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arranges all tasks into first-come-first-serve order. Further-
more, the master node consists of the following elements: Task
Sequencing, Task Scheduling, Mobility Online Offloading,
and Task Migration. We will explain these elements later in
detail. The primary role of master node allocates all tasks to
the appropriate nodes. All the assignment must satisfy tasks
constraints requirements and ensure security during offloading
and scheduling. Task Queue in VFCN implemented with
multiple heterogeneous nodes which are handled by the Master
Node. Load Balancing is the aspects which keep tasks evenly
distributed across all nodes in VFCN. It is essential to keep
the workload balanced among all nodes to fully utilize the
benefits of having more than one node else one or more node
will sit idle while other nodes have high workloads along with
lists of node awaiting the CPU. We implement push Migration
routinely checks the load on each processor. If it finds an
imbalance, then it evenly distributes the weight on each node
by moving the processes from overloaded to idle or less busy
Pprocessors.

Road Side Unit enables Blockchain-Enable Distributed
Ledger with different computing/communication nodes at
Vehicle-to-infrastructure. Each node connected with the asso-
ciated base station (BS) to facilitated applications. The fog
nodes offer services at the edge of the network, and Amazon
cloud services at the corner of the Internet. The VFCN presents
the hierarchical, bi-directional computing infrastructure: IoT
applications communicate with fog nodes communicate with
Amazon public cloud. All fog nodes can also interact with
each other to perform data and process management to support
application requirements and to exchange data.

A. System Model

The paper considers A number of applications,
ie., Afai,...,aA}. Each application has N number of
tasks, they contain two types of tasks such as general
tasks and security tasks. The tasks are denoting by
i € {1,2,..., N}. Each task has the following attributes,
e.g., {SCaui,Sai>Wa,i,da,i, Fai}. Where SC,; denotes a
security annotated task, S, ; denotes data size, W, ; shows
they require CPU instruction to process data size, d,,;
illustrates a deadline, and F,; denotes finish time. All
requested workloads to be followed by Poisson process.
Furthermore, the study shows K numbers of hybrid nodes,
ie, K ={k =1,2,..., K}. We denote the initial location
of an application when it is roaming among networks and
indicated by 12 when the requested tasks for offloading.

The VFCN architecture made up of fog and cloud nodes,
and these nodes are distinct by their computing speeds depicts
by ¢j{l1,2,..., K}. We employed the variable x, ;x € {0, 1}
which the assignment of task i of application to the kX’ node.
If x4,ik = 1 otherwise looking for assignment to any node.
We denote execution time of tasks by T{Z, = le ‘Z‘j’ . The

notation @, shows computing cost of k h during execution.

We are considering random the offloading scheme for appli-
cation a, which may offloads computation tasks to the VFCN
architecture any time via the V2I communication network.
Each server in the VFCN can migrate some workloads to
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another neighbour server for further execution. The distance
and transmission rate between applications and available ser-
vices measures as follows.

A —
Pixhag(d r
ZBazlogziwi’* %( o) ] e
o

whereas, B, is available bandwidth of network of applica-
tion a, P denotes transmission power, g illustrates channel
gain, W, shows level of inference-noise, dy, denotes distance
between requested tasks and available services. The optimal
offloading time is a key constraint which allows the offloading
engine to make the decision either to migrate tasks or not.
The key parameters of the communication model measure as
follows.

dag = /I + (Dg/2 I — v — 0)?,

lg signifies base-station hop height which links nodes in
VEFCN, and Dy is optimal coverage area in base-stations. If the
x = 1, notation [; < D,/2 shows lower distance between
request and available and incur lower communication cost as
defined in equation (2). And if x = 0, then [J; > D, /2 tells
due to high distance and communication cost is higher.

These symbols B, is showing bandwidth cost and data send-
ing time 7,. We are measuring cost of bandwidth utilization
B, by i.e., Ocop. The symbol F°" calculates communication
as follows.

if I3 <Dg/2, (2)

F;o" = ®com X Ty X Bg. 3)

The data size of the task S, ; directly affects on the bandwidth
cost when it offloads to any node for execution. It is critical to
offload tasks when network has good enough bandwidth with
minimum communication cost. We exploit a binary variable
0q,i, if a4; =1 it means the task i is ready to offload, where
aq,; = 0 shows the task is waiting for offloading. We measured
the offloading time in the following way:

Ty = zaa i - 4)

ica

We measure average execution time of all tasks of the
particular application as follows:

ZZxa,,,k x ? 3 )

jek ica

The computation cost of each application determines in the
following way.

comp

ZTe

The total time of a task consists of offloading time, processing
time and feedback time. The feedback time is fixed and
denoted by notation 7. We measured the total time of all
applications as follows

A N
Tai = maxzz T;ﬂi + 7, +1p. 7

a=l1 iea

comp~ (6)
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The total costs (i.e., communication cost and computation cost)
of all applications as

A
Fy= ) FO" 4+ F" )
a=1
The objective function of the paper is to minimize costs
of all applications while satisfying their security and dead-
lines. The task offloading decision and task assignment x, ; k.,
security SC;, bandwidth B, offloading time 7,, and execution
time T{Z,i,k} constraints are mutually optimized as a convex
function via Integer Linear Programming (ILP) method. Thus,
the convex optimization function P1 to the consider problem
formulated as

min F, Va€A
[xa,i,k:Ba,SCa,i,Ta,T(L;!;’k)] (9)
subject to Ty; <dq,,
4,19, T 0 =0, (10)
Tji=Tix— 1+me (11)
W .
= Zxa,i,k. (12)
= j
K
Fai= > xairTji, 13)
j=1
Ba S Bmax, (14)
A K
D Wai=D & (15)
a=1 k=1
> xaik=1 VkeK, (16)
i=1
> xaixk=1 VieN, (17)
Xa,ik € {0, 1}. (13)

The equation (9) shows the objective function of the consid-
ered problem. For each cloud, the finish time, initial location
and offloading time are initialized to O as defined in con-
straint (10). The initial setup time of a task to be started
after finishing of the previous task on the same resource
is described in equation (11) since equations (12) and (13)
show the task execution and finish time during scheduling.
The requested bandwidth and resources should be less than
available channel bandwidth, and computing resources of
the associated cloud is stated in equations (14) and (15).
Equation (16) and equation (17) show exactly one cloud to
each task and exactly one task to each cloud in the VFCN
system. Since equation (18) denotes, assignment is done equal
to 1 or O otherwise.

IV. PROPOSED SCHEMES

To solve the considered problem, we proposed different
schemes which are explain in the following subsections.
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A. Security Mechanism

For the security seeking tasks, i.e., ZZ\L 1 SC; we apply
Asymmetric encryption SHA-256 RSA method. It exploits a
private key and a public key. Public keys are handed out to
everyone to use; you make general information about them.
Anyone can use the public key to encrypt data, and then
only those with the private key can decrypt the document.
It also works in the opposite direction but keeping your
private key secret is a rule. The Proof-of-Work (PoW) is the
primary consensus mechanism in a network of Blockchain
nodes. Through Blockchain, this process’ primary aim is to
validate data transactions and secure process data between
nodes (e.g., fog and cloud nodes) through the network chain.
During mobility, nodes communicate with each other with
PoW to complete data offloading on the vehicle network. This
article presents a mixture of algorithm approaches, i.e., Pow
and Proof of Credibility (PoC) algorithm for detecting Daniel
of Service (DoS) and attack issues. To support a resilient
process without any service interruption (e.g., failure of a
node or crash due to attack) the study exploits the consensus
mechanism. It is a fault-tolerant tool that is used in nodes with
Blockchain-Enable network to obtain inevitable compromise
on a single data value in the distributed fog cloud nodes such
as with cryptocurrencies.

B. Mobility Aware Blockchain Enabled Offloading
Scheme (MABOS)

MABOS is a blockchain enable scheme which cares about
the data transfer between different computing nodes during
mobility. For instance, whenever the task schedules on the
computing node, before encryption it computes the hash of
data of task i and node k;. When the task i moves to another
node kj, then the node k> decrypts the data, recalculate the
hash on i to confirm the correctness, and take another hash plus
it keeps previous hash as well. Previous hash also confirmed
there was no change in data during migration. Also, in case
of a security breach, the chain of hashes help to find out the
compromised in the network.

N K ‘. AN
T = Zzaa,i.( l‘;ﬂ + T, +t3) < sz‘hi' (19)
a

ica k=1 a=1i=I
N K S
a,l
) = Zza( B, + T, +t3)
ica k=1
s A N
+1— aa,i.( =T+ I‘B) <D dag
a

a=1i=l1

(20)

The Offline offloading engine makes a decision when
to offload tasks. The offline offloading is also part of the
blockchain network, and the encryption process should be
locally first onto all security. (19). MABOS offloads all tasks to
the VFCN when applications have an efficient communication
channel with gain lower cost, i.e., lg < Dg/2.

It is worth discussing that initially, all secure tasks are
encrypted locally and offloaded to the system without consid-
ering migration, as shown in Figure 2. MABOS ensures safe
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Fig. 2. Blockchain enabling mobility mechanism.

task migration between computing nodes. Figure 2 shows that
a task 7 migrates from node 1 to node 2, then server 2 proceeds
as below:

Whenever a security task to be scheduled to another node,
the next node decrypt the data, recalculate hash on data,
and the previous node identifies I, if both hash values
are identical, then this verifies the correctness of data and
confirms the migration process was safe. Further, the new node
computes the hash on data, and current server identifies /;, and
encrypt the data. To node inserts the hash of the previous block
in the current immutable block as well. In case of a security
breach, the blockchain can help to find out the compromised
VECN with scenarios, as shown in Algorithm 1.

o Decrypt the task data S;.

o recalculate the hash on decrypted task’s data S; and
previous node recognises ;.

« compare it with hash value included in task block; if both
values are identical, then this verifies the correctness of
data and confirms the migration process was safe.

o Further, node 2 once again computes the hash on data but
this time with current server catalogues I5.

o To build a blockchain, the node inserts the hash of the
previous block in the current immutable block as well.
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Algorithm 1: Blockchain Enable Mobility Task Offloading

Input: {a € A,7,,04,0; .k € K,i € N}, BC[]}
begin
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Step 3: Then, the receiver checks to ensure that the two
256-bit numbers are identical. If wrong, then someone
has tampered with the data or given a public key not cor-

foreach (i ca € A as N &k € K) do
if (19 < Dy/2 & 1, == true) then

0a,i=1;

Apply SHA256 Encryption on security
annotated tasks >, SC; SHA256 follows all
steps as explains in the bullets;

BClz,, S;] < hash(S;, 1,);

Calculate system costs based on equation (19);

BClz4, S;] < hash(S;, Iy);

Optimize P1;

if (1 — 1)) then

Calculate system costs based on equation (20);

BC[1—1), Si, k] < k;

BClzg,, S;] < hash(S;, I});

Optimize P1;

if (k € K =0) then

k = 0 means crashed node and k = 1 means
stable node;

Apply Consensus Practical Byzantine Fault
Tolerant Method (CPBFTM);

(Si, k1) < k2;

End-Loop;

o Step 1: Offload tasks data to the node receiver from

the sender applications. The recipient node has not been
tampered with to ensure that the tasks data obtained from
the sender have been received and need has only been
obtained from the sender.

Step 2: The sender collects the data from the applications
by offloading it to be transmitted offline. The node
sender uses the hash function of SHA256 to get the data
computed into a 256-bit number.

Step 3: The sender node then signs a private key with a
256-bit number, which encrypts the 256-bit number into
a digital signature. Now the sender transmits the data
of the assignments, the Digital Signature, and the public
key node to the receiver node (remember, you can’t use
the public key to find out the corresponding private key,
so it’s safe to share). The receiver node must authenticate
that the data sent to the tasks has not been altered and
must have been posted by any computing node that has
the private key to the public shared key.

Step 1: The receiver node takes the 256-bit digital Signa-
ture number and decrypts it using the obtained public
key. Applying the public key to the Digital Signature
‘reverses’ step3 above that of the sender.

Step 2: The receiver then takes the data it receives and
applies the SHA256 hash to it to obtain a 256-bit number
the process is the same as step 1 and step 2 of the
transmitter.

responding to the sender’s private key. If real, the receiver
should be informed that the data is ready to go.

o Consensus The Byzantine Practical Fault-Tolerant
Method (CPBFTM) follows the checkpointing method.
The aim is to manage node failure or crash if any
computing node fails, and without interruption, it will
turn all tasks into another node. Checkpointing is a
useful technique that lets functions migrate from the
point of failure. CPBFTM ensure tasks are secured
simultaneously with PoW and PoC.

We define the Algorithm 1 as follows.

e BC is an array variable which stores are hashing history
of the current block.

o Line 1 to 8 denotes the process of the initial security
process. Line-4 describes that, if a device gains optimal
offloading time based on equation (19), and the condition
is real. Then scheme encrypts the sensitive data locally.
Line-5 shows that server k can compute the hash on the
offloaded data.

o All the condition, as mentioned earlier, is met, then the
optimization problem P1 partially optimize during initial
scheduling.

o Line 9-15 performs the aware mobility security between
servers. Line-9 describes that if the workload of appli-
cation a to be migrated to another server. The system
calls MABOS Scheme and measures the costs based on
equation (20) to support the aware mobility security.
It process makes sure that data migration has not to
impact on the system costs and data during the process.

o Line-14 verifies that the migration process in mobility is
done in an efficient.

C. Task Sequencing

In VFCN, all tasks are saved initially in the queue based
on the first come first order. The queue length is finite in
the system. However, due to the different requirement of
tasks, furthermore, we sort all tasks based on the following
sequences.

o Shortest Processing First (SPF): Delay-sensitive tasks are
those who have short execution time and required imme-
diate execution. Therefore, we order all shortest process
tasks with the highest at the processor for execution.
Delay-tolerant tasks have a long deadline; therefore, they
will get lower priority.

o Earliest Due Date (EDD): The deadline QoS constraint of
a task is very crucial during processing. The task with the
smallest deadline to be scheduled first at the processor.
If two tasks have the same periods, then order based on
first come first serve methods.

o Small Slack Time First (SSTF): Both SPF and EDD are
proactive topological sorting methods of tasks. However,
the migration of tasks due to the mobility require dynamic
prioritization of tasks during scheduling. We accredit
priority based on the slack time of a process. Slack time

Authorized licensed use limited to: Southeast University. Downloaded on January 28,2022 at 14:31:37 UTC from IEEE Xplore. Restrictions apply.



4218

is the sum of time left after the task if the request was
started now. This method is also known as the least laxity
first.

D. Linear Search Based Task Scheduling

The aim of linear search based task scheduling (LSBTS) is
to schedule all sorted tasks based on their QoS requirements
(e.g., deadline, security, and cost). LSBTS has two primary
goals. Initially, it plans all requests onto appropriate nodes.
Secondly, it reschedules all migrated tasks to another node
without any violation of QoS requirements. This process is
going iteratively until all tasks assigned or executed at the
end. LSBTS relies on the technique of traversing a list from
start to end by searching. To solve the optimization problem,
the proposed LSBTS Algorithm 2 has following steps:

Algorithm 2: Linear Search Based Task Scheduling
Input: i e Ne A, ke K;

1 begin

2 | K < Sort the each server k by the F;

3 | k< NULL;

4 | foreach (i € N as A) do

5 Call Algorithm 1;

6 foreach (k € K) do

7 if (Fa,i < da,i) then

8 Must satisfy equation (14)(15);

9 Assignment x, ; x based on
equation (16)(17)(18);

10 Calculate the F, of k € K by the
equation(9);

11 Initial Scheduling F,, < Xg4ik ;

12 Obtain F* by Algorithm 3;

13 Improve initial Scheduling F} < Fg;

14 break;

15 End-Loop;

16 End Conditions;

17 | return F;
18 End Main;

We denote candidate space, i.e., N(F,) which consists
of many solutions to the problem. There are three types
of solutions, namely optimal, average, and worst solutions.
It is hard to find an existing optimal solution. However,
we can find a near-optimal solution from the solution space.
However, the main focus of Algorithm 3 chooses an optimal
solution from the candidate solution globally in the distributed
computing nodes.

1) Inline 2, all servers are sorted by F,. Each server has

not cost before scheduling as defined as inline 3.

2) Initially, Algorithm 1 decides optimal tasks offloading
to the system as defined inline 5. All requests to
be scheduled based on their QoS requirements as set
inline 7. Line 8 and 9 make sure initial assignment of
tasks to the servers must satisfy all constraints. Line
10 and 11 calculate scheduling of all tasks based on
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cost-efficient servers which have an optimal allocation
as compared to others.

3) Due to the mobility, different time zone, and fluctuation
in resources, initial scheduling could be improved by
time to time. Line 12 and 13 show that initial solution is
improved by Algorithm 3 i.e., F) < F,. to avoid from
overhead, we do not search worst solution and only pick
best solutions randomly instead of sequential searching.

E. Solution Improvement

This searching is finding a solution maximizing F, among
several candidate solutions. Many searching algorithms sway
from solution to solution in the space of candidate solutions
(i.e., FJ) by employing local search. This will continue
until an optimal solution found. There are many existing
search methods to improve the initial solution, Hill climbing,
Tabu search, Late acceptance hill-climbing, Reactive search
optimization, and simulated annealing. Based on existing
simulated annealing searching method. However, based on
simulated annealing, we devise a lightweight cost-efficient
searching algorithm. The goal is to improve the initial solu-
tion to the problem. The algorithm assumes a small random
displacement of an objective function resulting in the cost of
changing the method. If the device cost difference is negative,
the new objective function can be replaced by the old one.
If the shift in system costs is positive, then the corresponding
Boltzmann constant (i.e., e%) factor may still be adopted
as a new solution. The proposed Cost Improvement Search
Scheme Algorithm 3 defined as below.

Algorithm 3: Cost Improvement Search Scheme

Input : 23:1 Fy;
Output: F;
1 t < Initial Temprature;
2 f < Final Temprature;
3 R < Find round;

4 iter < 0;

5 begin

6 | while (r > f) do

7 while (iter < R) do

8 F} < select a random solution F; € N(F,);
9 A < f(F;) — f(Fa);

10 if (A <0) then

11 Ff < Fy;

12 if (f(F)) < F,)) then

13 | Fu < F}

14 else if (rand(0,1) < e%) then
15 | Fu < F}:

16 iter < iter + 1;

17 t <t x(1—a);

18 | return F;

« Algorithm takes the objective function of all applications
22:1 F,, and related parameters.
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TABLE I
EXPERIMENT PARAMETERS

Simulation Parameters \Values

Windows OS Linux Amazon GenyMotion
Centos 7 Runtime X86-64-bit AMI

Languages JAVA, XML, Python
Android Phone Google Nexus 4, 5, and 7S
Experiment Repetition 160 times

Experiment Duration 12 hours

Experiment Monitoring Every 1 hour

Evaluation Method ANOVA Single and Multi-Factor
Amazon On Demand Service|EC2 t3

Android Operating System |GenyMotion

tp 50 seconds

t 100

f 10

R 120

Bmax 10 Megabyte

Va {80 — 120km/h}

Sa,i 1000-1500 MB

Py 0.1

hng 0.005

dng 200

Wo 15

lg 100m

a {500 — 20000} devices
SHA256 256-bits

x 1,2,3,4 speed and location co-ordinates

o We declare initial temperature ¢ and final temperature f,
iteration iter, and round R variables.

o Line 8-13 ensure that algorithm accepts all solutions
randomly either worst or optimal based on Boltzmann
constant.

o Line 14 shows that, if the solution does not improve
further, it will run on the current solution.

o Line 18 return the final optimal solution i.e., F .

V. PERFORMANCE EVALUATION AND
EXPERIMENTAL SETTING

To evaluate the effectiveness of proposed schemes we
conducted experiment on different workloads with different
schemes and architectures.

A. Master Node Setting

The Master Node contains different components such as
Task Queue, Task Sequence, Task Scheduling, Online Mobility
Offloading and Task Migration. The experimental parame-
ters are implemented in the analysis defined in Table I.
The configuration of VFCN resource specification illustrated
in Table II with its characteristics and specifications. Cost
value in Table II shows the function utilization cost per
hour of different servers resources in the VFCN for IoT
applications. The workload of each application implemented
in the experiment is defined in Table III.

B. Offloading Time Schemes

We implemented all existing offloading schemes (e.g., sin-
gle side offloading) with the proposed multi-side offloading
(offline and online) plans in the experiment setup. The main
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goal of offloading is to decide whether to offload or not during
the execution of applications. The baseline approaches are
describing below.

« Random offloading (RO): The 7, application randomly
chooses to offload time between 0 and 1 that is equal to
the probability distribution. Generally, device offloading
time 7, and assignment xy . 4,; With device bandwidth B,
are required to optimized mutually.

« Direct offloading scheme (DOS): When offloading time
of devices is 7, = 1 is optimal, and remaining values 7,
Xk,c,a,i- Ba are optimized mutually.

« Random Offloading With Single Criteria (ROWSC): This
offloading supports mobility aware offloading in the
static environment, where network values and available
resources are fixed.

« MABOS (Optimal Offloading Time (OOT)): It is a
multi-side offloading and blockchain-enabling security
technique, which is using for offloading of tasks to
different nodes. It shows an offloading time, i.e., 7, = 1
or 7, = 1 when a task migrates between different nodes.

C. Performance Metrics

We evaluate the performance of VANET, MANET and
VFCN based on components calibration for instance, such as
Task Queue, Task Sequence, Task Scheduling, Online Mobility
Offloading and Task Migration. The paper exploits ANOVA
RPD (Relative Percentage Deviation) statistical analysis in
the experimental setup to evaluate the performances of
experiments.

*
RPD(%) = Fi—Fa
F*

a

x 100%. 2n
F, shows the initial solution and F, optimal solution of the
problem.

D. Task Queue

We implement a single Task Queue in VFCN internal
system. The arrival of tasks to system determines by Poisson
process. Therefore, the system accepts the random arrival of
tasks and schedule them without any queue delay.

E. Task Sequence

The task sequencing rules (i.e., EDD, SPF, and SSTF) are
the methods to sort out all tasks in topological order. We have
chosen EDD for the task sequencing component in the VFCN
for scheduling. In our paper, we exploit the EDD sequence
method to compute the task priority. We choose the best vy,
i.e., .8 for tightness of task deadline. The highest priority is
to set to those tasks which have the smallest deadlines among
others.

F. Online Mobility Aware Offloading and Task
Migration Methods and Comparison

The mobility is a feature of the network which offers
services during roaming among different networks. For exper-
iment evaluation, the paper deployed real scenario of mobility
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TABLE II
VFCN RESOURCE SPECIFICATIONS

Cloud | CORE | MIPS/CORE | RAM(GB) | Storage(GB) | Computation Cost |

Communication Cost |

k1 i3 1000 800 1000 0.5A£Ax¥ 5G: 1.5A£Ar¥
ko i5 3000 1000 2000 0.7A£Ax 4G: 1A£Am¥
ks i7 5000 1200 4000 0.9 AfAxy Cellular Data: 2.5A£An¥
ky i9 10000 3200 10000 0.05A£Ar¥ 3G: 0.5A£Am¥
TABLE III 2600 [ 1
WORKLOAD ANALYSIS OF IOT APPLICATIONS 2500
2400
Workload General Tasks  Security Tasks 2300
A"
Healthcare 1700 300 2200
Augmented Reality 1100 100 2
E-Transport 870 130 = 2100
E-Business 1300 200 2000
1900
1800
—&— LSBTS B & & Y & & % & & Y
—%— Baselinel 4’(") hd A hd 8‘; hd hd hd 1;0 & #
— & Baseline2 Different Speeds and Locations
Fig. 4. [} : Different locations of tasks offloading.
=3 =3 = -
x
g
~ 5—4 5 4000 ‘ q
4 3goo ff T EEEEEEEEEEEEEE —<o— 00T .
—*&— ROWSC
3600 & RO 1
3400 E
3200 | b
G—68 686664 |
3000 l 7
< & X 2800 - | 4
100 150 200 2 |
No. of Random Offloaded Tasks 2600 - b
2400 | b
Fig. 3. Random offloading of tasks during mobility. FeEEEeEeeey
2200
e85 8888881
2000 q
aware by implementing device movement trace mechanism ‘ ‘ ‘ ‘ ‘ ‘ 5
. 50 100 150 200 250 300 350 400
Every-Where-lab dataset. Whereas, the trace method moni- Stmultaniously Offloaded Tasks
tors device movement within the given range (i.e., the road
network of southeast university). The entire road boundary Fig. 5. Mobility aware offloading methods.

is 17 x 17 km. Dataset provides 100,000 end-users in the
one waypoint for invoking the cloud services during mobility,
whereas the location of coordinates devices are tracing in every
25 seconds. We measure each coordinate of the equipment
and VFCN resources by a density distribution function, which
always return an optimal offloading time for task offloading.

We experimented with services of VANET, MANET and
VECN with different speed and locations of vehicular appli-
cation during mobility. Figure 4 shows each application has
different RPD% with different x values. Therefore, offloading
time is critical when to call particular services when they
have lowered execution costs. There are many reasons of
impacting costs (i.e., communication cost and computation
cost) such as availability of resource due to heavyweight
requests, less distance between caller and callee, and QoS
aware execution is a hard task during mobility. The paper con-
sidered these challenging tasks into considerations and proved
that all mobility features obtained successfully. Figure 3 and

Figure 5 illustrate RPD% performances of applications during
mobility and Optimal Offloading Time (OOT) outperform
existing mobility methods. There are many reasons behind
that, ROWSC and RO offer single side offloading and single
criteria (i.e., cost and delay threshold) process during mobility.
The main limitation of these methods they support only single
side offloading. During mobility, multi-side offloading with
multiple parameters could not support by these methods.
Therefore, MABOS (OOT) suggests multi-criteria (offloading
time, communication cost, computation cost, security) and
multi-side offloading for applications, and gain lower RPD%
as compared to the existing offloading method.

The mobility-based services are very challenging when the
applications are roaming among multiple stations: existing
Waypoint and Nomadic mobility methods commonly used in
a vehicular network. These methods are implementing with
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RPD%

50 100 150 200 250
No.of Failure Tasks

Fig. 6. Tasks failure performance of mobility methods.

Software Defined Network at the edge of the net. Handoff
technique allows the system to switch services and application
requests among servers with handoff technique. However, they
did not consider the security mechanism except Secure Server
Level (SSL) authentication, which is not enough to handle
data security. Due to the earlier situation, many tasks could
fail during offloading and downloading between devices and
servers. We experimented on random arrival tasks of different
in the network during mobility. After evaluation, Figure 6 illus-
trates that with existing mobility methods, the recovery costs
of failure tasks increase as the ratio of failure increase. These
tasks failed due to the network failure, services failure and
security reason. Therefore, the recovery cost is higher when
the failure ratio of jobs increase in the network. The proposed
MABOS offers secure offloading service and offloading time
in to avoid any failure during untrusted or unavailability of
services. Whereas existing mobility methods provided reliable
services, but the failure cost of tasks is very high. Hence,
optimal offloading time, the lightweight security mechanism of
MABOS incur a lower price as compared to existing methods,
as shown in Figure 6.

G. Task Scheduling Comparison Methods

The existing task scheduling methods, such as Round Robin
(Baseline 1), Min-Max (Baseline 2) and HEFT (Baseline 3) are
deploying as baseline approaches. The Linear Search-Based
Task Scheduling (LSBTS) is the proposed task scheduling
for the IoT applications, which iteratively tries to improve
the objective with its constraints. Figure 7 shows that the
LSBTS is improving objective function F* continuously from
its neighbourhood solutions and reduces the costs of the
applications.

The task scheduling on the heterogeneous nodes of
offloaded tasks is always a difficult problem. The latest imple-
mented existing baseline approaches Baselinel, and Baseline2
applied rate monotonic based approaches are dynamic schedul-
ing by setting the static task priorities. It implies an inclination
of periodic and autonomous tasks with deadlines equal to
their periods. The task with the earliest deadline is assigned
the highest dynamic priority. However, there are many lim-
itations to these methods. Firstly, the static priority will not
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Fig. 7. System costs under 95% confidence interval Tukey HSD mean interval
chart.

work correctly when the adaptive scheduling performs in the
environment. The runtime and dynamic priority of different
rules could be beneficial and increase the efficiency of the
schedule. Secondly, initial mappings which were implement-
ing in existing studies did not consider the adaptive situation,
where mobility, security and resource availability inconstantly
and intermittently change among computing nodes. Therefore,
the performance of scheduling with multi-tasks will degrade
during allocation. Another hand, LSBTS is an efficient and
aware mobility task dynamic scheduling algorithm which
adapts any environment changes to minimize the system
cost. The LSBTS algorithm gained lower RPD% of all IoT
applications (a) (b) (c) (d) during offloading and scheduling
in the VFCN system, as illustrated in Figure 7. Hence,
the task sequencing with different rules and local search task
scheduling is the most effective way to improve application
performance and reduce the system costs.

A practical task scheduling strategy presents a promising
approach to deliver better resource utilisation in VFCN. Many
task scheduling strategies with optimisation and multi-criteria
for ToT applications. These approaches ignored scheduling
conflict among the tasks of different types and fluctuation in
resources. The friction often directs to miss the deadlines of
the assignments and compromises their data in the VFCN. The
existing techniques in backfilling algorithms (e.g., baselinel)
to execute single criteria (i.e., deadline-based tasks) in VFCN.
In general, the jobs are picking as backfill tasks approach
(Baseline3), whose purpose is to implement ideal resources
to other functions in the backfilling method (baseline2). The
selection of the backfill task is challenging one when there are
different types of tasks. It creates conflict in the scheduling.
We take the assumption of nine random criteria (0-9) to
evaluate the performance of algorithms. Figure 8 (a) shows the
experimental result of single based scheduling on workloads
in VFCN. LSBTS gains lower RPD% as compared to existing
approaches. There are a few reasons. LSBTS improves the
initial solution with local search from solution space either
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based on single criteria (e.g., deadline or cost). However,
due to an adaptive environment, all existing methods incurred
higher RPD% as compared to LSBTS. In multi-criteria based
scheduling LSBTS considers convex sets (e.g., security, execu-
tion time, cost, deadline and required CPU, and mobility) to
optimise convex function within polynomial time. However,
existing methods optimise all factors individually instead of
jointly maximise. Figure 8 (b) result shows together maximise
LSBTS accumulations better RPD% as compared to all exist-
ing suggestions in the scheduling for IoT applications.

Each application has stringent QoS requirements. Therefore,
it is necessary to satisfy all the QoS constraints of applica-
tions during scheduling. It is hard to optimize all constraints
individually. However, the system can combine all constrain
and optimize them together. In our case, the mobility, costs,
security and deadline constraints are optimizing jointly as a
convex set and improve overall convex objective function for
all applications. Figure 9 (a) (b) (c) and (d) shows the LSBTS
satisfy all QoS of applications as compared to existing base-
line approaches. The main reason behind is that all existing
methods make schedules based on execution time.

VI. CONCLUSION

This study formulates the scheduling problem with con-
vex optimization in Vehicular Fog Cloud Network (VFCN),
which includes service costs and security in which the
arrival system has a general mobility dynamic distribution.
The study proposes the local search aware task schedul-
ing and mobility aware offloading schemes based on linear
programming. The study devises Local Search Based Task
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Scheduling (LSBTS), Mobility Aware Blockchain Enabled
offloading scheme (MABOS) scheme to optimize functions
for applications. The experimental evaluation shows that the
proposed scheme outperforms in term of cost, security, and
deadline as compared to existing contemporary scheduling
methods.

In future work, we will consider the budget and
fault-tolerant aspects of IoT applications in the VFCN. These
two constraints are critical when task offloading and schedul-
ing problem are get done on the same for IoT applications.
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